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Abstract

We develop an expected retuneasurdrom a dynamicequity valuatiormodel We entitle the
portion of thismeasurehat is easy to calculate with readily available financial market measures
and does not require statistical estimationstaic growth expected retur(BGER. We use

a n a | gamingsf@ecass as anSGERIinputto rank firms for porfolio inclusion. We find that
portfolios of lowSGERfirms have negatv e excess returns 1T negatiyv
conditionalasset pricing modelThe estimatedlpha difference between high and IGGER
portfolios is as great as 0.88% per monhthout generating abnormal returns for investors, we
find that andysts make favorable stock recommendascend most optimistically forecast
earnings for lgh SGER firms. Consistent with the dynamic model, returns increase with
profitability to a greater extent for value compared to growth fir& find little statisical or
economic significance for earnings volatility beyo8GERfor returns. This observation is
consistent withSGERas a large portion of expected return from the dynamic motlée
conclude thaBGERon its ownis a usefuteturnmeasure for commoshare investing.

Keywords: Equity investing, portfolio management, analysts forecakiskrecommendations.
Acknowledgements

While the authors retain responsibility for@ms, they thank Johnathan BeHeitor Aimeida,
Diane Del GuercioChristina Antanasova, Amir RubiReter Klein andRob Grauefor helpful
comments

*Corresponding address. Tel.: +1 778 782 4959; fax: +1 778 782 4920
E-mail addressblazenko@sfu.cyfab@sfu.ca



mailto:blazenko@sfu.ca
mailto:yfa5@sfu.ca

Value Versus Growth in Dynamic Equity Investing

Abstract

We develop an expected ratumeasure from a dynamic equity valuation model. We entitle the
portion of this measure that is easy to calculate with readily available financial market measures
and does not require statistical estimationstic growth expected retur(S8GER. We use
anal yst so ear n3$GERimut fo cankdinna fertpartfolao snclusion. We find that
portfolios of owWSGERf i r ms have negative excess returns
conditional asset pricing modelhe estimatedlpha differencebetween high and lo#GER
portfolios is as great as 0.88% per monththout generating abnormal returns for investors, we
find that analystsmake favorable stock recommendations and nomtimistically forecast
earnings for lgh SGER firms. Consistent #h the dynamic model, returns increase with
profitability to a greater extent for value compared to growth firms. We find little statistical or
economic significance for earnings volatility beyo8GERfor returns. This observation is
consistent withSCER as a large portion of expected return from the dynamic model. We
conclude thaBGERon its own is a useful return measure for common share investing.




1. Introduction

We develop an expected return measure from a dynamic equity valuation model as a guide for
common equity investment. We show that expec
model of an expanding business where managers have a dynamic optioreta giregvth has

two terms: one that is easy to calculate with readily available financial market measures and does
not require statistical estimation and a component that depends on earnings volatility. We entitle

the first portion astatic growth expectegtturn (SGER because it arises not only from the

dynamic model, but also from the static constant growth discounted dividend GRS a

large portion of expected return from the dynamic model and also changes with corporate
profitability in a simlar way. Consequently, we investig&&ERon its own as a return

measure for common share investing.

Readily available financial measures, like, preferred share dividend yield, or bond yield, give
investors in these securities an expected return @oea valuable investing guide. Along with

a credit assessment, a financial analyst can compare rates across similar securities to make an
informed investment decision. On the other hand, for common shares, expected return is more
difficult to determine.A complete expected return measure, beyond dividend yield, requires a

risk assessment that is more difficult than for preferred shares or bonds because of greater return
variability. This variability obscures risk sources and their expected returntimpastructure

the study of risk, the finance literature uses asset pricing models like the Capital Asset Pricing
Model', the Arbitrage Pricing Theory of Ross (1976), or other factor models that include Fama
and French (1992) and Carhart (1997). Anystatan estimate the parameters of these models

for expected return guidance.

Rather than estimate parameters of an asset pricing model, there is a [ftératieither
calculates or estimates expected return from share prices and an equity valudgbnThe
purpose of these implicit expected returns is for the weighted average cost of capital and

corporate capital budgeting or for corporate performance evaluation and value based

! Sharpe (1964), Lintner (1965), Mossin (1966), and Treynor, develop the CAPM independently. Aafersion
Treynorés unpubli shed manuscript edited by French (200:
2 See, for example, Easton (2004, 2006), Easton, Taylor, Shroff, and Sougannis (2002), Gebhardt, Lee,

Swaminathan (2001), and Gode and Moham(2003).



management with financial measures like residual iné@meVA®.* This objective requires

that an expected equity return proxy be unbiased, and therefore, this literature often compares
these measures against average realized equity returns. Because this standard is rather
demanding, in a study of seven expected returriggspEaston and Monahan (2005) find that in
the entire crossection of firms, these proxies are unreliable and none has a positive association
with realized returns. Easton and Monahan do, however, find better reliability for lovielong
consensus gwih forecasts and/or high analyst forecast accuracy. Fama and French (2006)
forecast returns with corporate profitability, Book/Market, and other corporate financial

measures in several regression models. Their forecasts relate positively with redlized r

The foundation of all asset pricing models is a positive relation between expected return and risk,

but Haugen (1995) and Haugen and Barker (1996) report a negative relation. They conclude that
either the financial literature misses major riskrges or that investors do not account for risk

correctly. Consistent with the first explanation, Coretoral(2007) argue that there may be

many more factors than Fama and French (1992) and Carhart (1997) consider and that each

factor may have only modest return impact. On the other hand, the second explanation
contradicts the Efficient Markets Hypothesis.
because of the complexity of measuring common share risk and expected return. In particular,
there are no easily calculated financi al mar k e

analysis for common equities.

Of course, investors must exercise caution when estimating or calculating expected return for
individual common shares. Faraad French (1997) stress the errors that arise from estimation
of either the CAPM or APT for individual common shares. Financially-fi@otly results can

arise from over reliance on simple financial models without critical application. That being said,
both estimation and forecast errors diminish for portfolios compared to individual stocks. We

investigate the value &GERfor common equity investing with a number of applications.

First, unlike the cost of capital literature we review above, not oS GERnot require

statistical estimation, but also, realized returns 8@& Rrelate positively to one another in

% Residual income is accounting earnings less book equity times the required equity return.

* EVAstands for Economic Value Added and is a registered Stern Stewart & Company trademark. The basic
calculation forEVAis Net Operating Incomeds the dollar cost of capital, which is book assets multiplied by the
cost of capital. See, Stewart (1991) for moréedA and value management.
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portfolios. Next, we usSSERinputb nark firmfor postfolio i n g s
inclusion. We find that portfolios dbw SGERf i r ms have negative excess
alphas 1T in a four factor conditional asset p
high and lowSGERportfolios is as great as 0.88% per month.

O6Brien et. al ( 2 Ged B.997), DidiheX et al. {2002y and @hdn eDdl B r

(2007) argue that optimistic earnings forecasts arise from investment banking relations between
anal ystsodéd firms and the companies that they a
make favorableecommendationsfay | amour stocks 1T stocks with h
growth characteristics. Only the first of these characteristics relates positively to expected

return. Beyond glamour stocks and investment banking relations, we find that without

generating abnormal retus for investors, analysts make favorable stock recommendations and

most optimistically forecast earnings for hi§GERfirms. On net, analysts encourage high

return stocks. We argue analystsd reputation

return stocks, even if returns are simply risk compensation.

The corporate determinants of market/book ratio are profitability and growth. Anderson and
GarciaFeijoo (2006) find that the Book/Market ratio relates to the recent growth in capital
expenditue. Firms with low Book/Market (growth firms) have large past capital expenditures,
which they interpret as firms that have exercised their growth options. They argue that this
exercise reduces corporate risk. Consistent with this interpretation, riddgvi average returns
for these firms.GarciaFeijoo and Jorgensen (200sH)owthat degree of operating leverage is
positively associated with Book/Market andais importantleterminant of the value premium

(the return to value minus the return to growtocks)

We investigaterofitability as goint determinant of market/boand expected returrGrowth
firms (low Book/Market) have high profitability h &dversithe cost of growth capital
expenditures over timeThis coverageneans that growthriins have lower risk than value firms
(high Book/Market). Consistent withur dynamic model, returns increase with profitability to a

greater extent for value compared to growth firms.

In the following section, we develop our expected return measurdisouss assumptions and

caveats. We show th8GERis a large portion of expected return from our dynamic model.



Consistent with this result, in section 5, we find that volatility adds little economic or statistical
significance for returns beyor®IGER In section 3, we report evidence that portfolios formed

with this measure earn abnormal returns. In addition, we report evidence that analysts
recommend and overly optimistically forecast EPS for high re®GER firms. In section 4,

we investigate th relations between the value premium and the business cycle predicted by our
dynamic model. Section 6 concludes with a summary, conclusion, and an agenda for future

research.
2. Dynamic Financial Analysis

2.1. Expected Return

We use BlazenkoandPavids (2009) dynamic model of an exp

growth requires capital growtfihey develp an expected return expressis{iROE) , for

common equity,

ROE- g +p 1 m fsROE
2 : growth, ROR x°

.7 @

ROE+§,Di § ROE

— =) =) —i—) =) (]

MROE)

, suspend growth, ROEx’
Jo,

where the real growth rate for earnings and capitgl ROEis the returron equity that follows a
non-growing’ geometric Brownian motion with earnings volatilisy, x” is thevalue
maximizingexpansion boundaryn Equation (A8) of Appendix A and p(ROE) is market/book

in Equation (AD).

Thema n a gerpandien decision depends on profitabilROE WhenROEexceeds the
expansion boundary , the manger expandsarnings at the ratpwith capital growth at the
rate g. WhenROEis less than the expansion boundary, the manager suspends growth until

profitability improves. To prevent arbitragésee ,Shackleton and Sgda0®), the two branches

® If earnings growth at the rate g requires capital growth at the rate gR@Edoes not grow. Further, sigite
growthg, the corporate return on equity investmerR@Eand notROEplus growth. A static environment
illustrates the point. Let X be earnings and B be equity investment, then, the IRR satigfi®)/(RR-g)-B=0,

and, IRR|ROEwithout the growl factor g. For spontaneous profit growth (without capital investment), which is
not the nature of the investment we study, the IRR satisfies X/§)RB=0, and IRR=ROE+g.
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of Equation (1) for expected returm{ ROE) , must equal at the expansion boundary, Along

with smooth pastinghts equality means thatarket/bookequals one at the expansion boundary,

p( X =1, and that the manager grows the business when rfizvtiktexceeds one,
p(ROB21. Thi s representation of corporate invest:H

(1969)q theory

The upper branch of Equati (1) represents expected rettonfirms in the growth statdn the

numerator, tte first term{(when positive)ROE- g, is dividendperdollar ofequity investment
The second termgp , is the contribution bcapital to value.Thethird term, %pi $§ROF, is

value protection from theption to suspend growth w h e market/bookinghe growth state.

This term is positive given thagt(ROE) is a convex function dROE Expected return

WMROE), in the growth statas the sum of these three terms scaledyket/book p(ROE).

The lower branch isxpected return fdirms that have suspended growtROE< x*. The

lower branchis theupperbranch as a special case wathero growthrate g=0. Because the

firm pays all earnings as dividends in tirewth-suspensiostate, he first term ROE is
dividendperdollar of equity investmentThe second term%pi $ROF, is expected capital

gain from the growth optign  w h e maket/bookinghegrowth-suspensiostate.This term is

positive given thap(ROB) is a convex function dROE Expected returnyif ROE) , in the

growthsuspensiostate, is the sum of these two terms scalechésket/book p(ROE) .



Figure 1
Expected Return m{ROE), versus Profitability, ROE,
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0.140 —
_ T
_ r'd ""'\
_ / "\,\
i I \\

0135 ! ~
- \H‘
- ! ~~
: ! -

0.130 ll

w{ROE) . : — - Crowth

4 . = = Buspend Growth

| Suspend -
0.125 Crawth ! Growth Growth

e =012

E*=(116 |ROE=0.22

T I T I T I T I T I T I
0.1 0z 03 0.4 0.5 0. 0.7
ROE

Notes Figure 1 plots expected returi{ ROE) , versus profitabilityROE with earnings volatilitys=0.2,real
earnings growthg=0.06, and a risk adjusted rate fohgpotheticap e r ma gremhisusgensiod  f, i*+0rh2.



Figure 1 plots expected retum( ROE) from Equation (1) versus profitabilitROE for a

numerical example. The difference between expected return for a hypothetical permanent
figrowth-suspensiod b u sri* A0eL? and the riskless rate0.05 represents the primary

source of business risk with arisk premiath 0. 1271 0. 05=0. 07. As the
business, streams of continuing capital expenditures for growth (which themselves grow),

Al ever o this busi nes imaddiios,knveatdr expeetatiOns df this futare Fi g u
risk, even when thérm has suspended growth, influeregected returnWe refer to this

enhanced business risk as figrowth | everage. 0
depends upoROE, profitability alters the prospects for growth leverage, which changes

expected return,y{ROE) . Consequently, an important expected return determinant in Equation

(2) is profitability.

When the firm is in thgrowth-suspensiostate (the lefmost section of Figure 1), as

profitability, ROE approaches zeffoom the right, growth leverage disappears because the
likelihood of returning to the growth state diminishes and becomes negligible. As the possibility
of growth leverage diminishes expected return falls. WR®E=0, the likelihood of returning to
thegrowth state is zero. With no possibility of growth leverage there is no growth induced risk
Ret ur n e g u grbwihsuspeasion off M(ROEYFr* =0.12. Note that in the left

most section of Figure 1, wh&DE increases, risk increases because of increasing likelihood

that at some future timROEwWill cross the growth boundary* =0.116, where the firm begins
growth and incurs growth leverage. Expected reifROE) increases in anticipation of this

risk.

Once profitability,ROE crosses the expansion boundaROE2 x =116%, the manger begins
to grow the business with growth investments and the firm is in the growth stalROEASs
increases, expead return, M ROE) , continues to increase unRIOE=0.22 in Figure 1. For
0.116¢ ROE ¢0.2; profitability increases the likelihood of remaining in the growth state and
continuing to incur growth leverage rather than fadlbato thegrowth-suspensiomstate

without growth leverage. This increasing likelihood of incurringgoimg growth leverage
without reprieve increases riskhich increases expected retum(ROE) . For 0¢ ROE 0.2z

in Figure 1, profitabilityROE increases risk and expected retumROE) .



When profitability is high,ROE2 0.22 in Figure 1, the likelihood of falling back into the
growth-suspensiomstate is modest, and therefattas likelihood has little impact on risk.

Rather, with increasing profitabilitOE t he firm i s better abl e
g, which the firm incurs with high likelihood and for long periods because the possibility of
falling back to tle growth-suspensiostate,g=0, is modest. Increasing ability to cover the costs
of growth, g, decreases risk, and therefore, profitabRE decreases risk and expected return,
WMROE). For ROE>0.22 in Figure 1 profitability, ROE, decreases risk and expected return,

WROE).
2.2 Static Growth Expected Return

The first portion othe upper branch dquation (1) is,

ROE- g +@
Je,

(2)

For dividend paying firmdROEqg is dvidend perdollar ofequity investmentDividend yield,

dy, isROEqg divided bymarket/book dy* %} Blazenko and Pavlov (2009) do not

recognize, but, ith a little algebraye canrewrite equation (2) as,
SGER ROEAl p) d 3)

We refer to Equation (3) asatic growth expected retu(®GER, because it arises not only as a
component of expected returm{ ROE) , in thedynamic malel, but also as expected return from
the static growth discounted divd e n d  m oGbreldnGrowthtMbdel (see, Appendix B).
While the form of these expresssis the same, it is important to recognize that they are
different because share price in the fisftom a dynamic model, whereas share price in the
secondjs from a static model. Note that the component tern®GHERare either readily
available (that is; anddy) or relatively easy to foreca®®OE Further, growtlg does not

appear directly in Equation (3) other than through its impact on price, whigimdete
market/book”, and dividend yielddy.

t
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Figure 2
Panel AVolatility 6 s Co nt r Expactedi Retarn, m{BOE)
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Notes Panel Aplotsthe fraction of expecteetturn, m{ROE) , that aises from volatility. That is,z— ,
p
from Equation (1yivided byexpected returni{ROE) . We plot this fractiorwith respect tonarket/book

P(ROB , for two realearnings growthates g=0.03andg=0.06 Earnings volatilityis s=0.2 Therisk adjusted
rate for a permandytfigrowth-suspensiod  f is rk=M12.Panel B plotSGERandexpectedreturn, w{ROE) ,
versusmarketbook, p(ROB , with s=0.2 g=0.06, and*=0.12.



2.3 SGERas a Component of Expected Return

In this section, we show th&GERs a large portion of expected retum(ROE) , from

Equation (1)and he dynamic modelPanel A of Figure 2 plots volatilith) s cont ri buti on

1pi §ROF
expected return2—— , from Equation (1pivided byexpected returnyf ROE) .

p
Volatilityb s contr i but i oishighestwheremarket/to@edualsoaet u r n

pP(ROE) =1. As profitabilityROEincreases or decreases anarket/boolkchanges from one,
volatilityds cont rm(RABt deceasesVm | ex pd dtted sr etonrt m,i
expected returni/ ROE) , is no more thath1% in Figure 2when real growth is higlg=0.06

When real growth is more realistic, g=0.03, t

WMROE), is less than 5%Whenmarket/booldiffersfrom one, vol atilityds <co

expected returni/ ROE) , is even lesser.

Panel B of Figure 2 plotSGERand expected returm(ROE) , versusmarket/book p(ROE).
SGERis the portion of gpected returfirom Equation (1}hatdoes not includearnings
volatility, s, as a direct inputin the growth stateSGERbehaves ira similar way as expected

return, Y ROE). SGERincreases initially withmarket/bookp(ROE) , becauséncreasing
likelihood of incurringgrowth leverage for firms with lomarket/book p(ROE). SGER
eventually decreases witharket/book p(ROE), asfirms cover the capital expenditure costs of

growthwith profitability, ROE and growtheveragedecreases

This analysis indicates th&GERis a large portion of expected retumm(ROE) , and that
changes irsGER are similar to changes in expected retu(ROE) , with respect to
profitability, ROE(at least for firms witho(ROE) 2 1). In empirical testing later in this paper,

our focus orSGERhas the attraction that it is easy to calculate with readily available financial
market measureand does not require statistical estimation. In Se&jave find little statistical
or economic significance for earnings volatility bey@@ERfor returns. This observation is
consistent wittSGERas a large portion of expected return from the dyoanodel.

Consequently, we investigaB&&sERon its own as a return measure for common share investing.
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In Equation (1) and Figure 1, it is difficuth empirically distinguish between firms that are
growing and those that have suspended growth. lempirical study in the next section, we
focus on dividend paying stocks because they are more likely profitable, and therefore, more
likely growth oriented on the upper branch of Equation (1) and in themight section of

Figure 1. We report evidencatér, that in fact, these firms are growth oriented.
24  Assumptions, Discussion, and Caveats

SGERiIn Equation 8) is forwardROEplus dividend yield times one minasarketbook. The
val ue famketbook henchmarks those firms for which businetam for shareholders,

ROE exceedshe value maximizing expansion boundaxy,, and growth is an appropriate

corporate objective for managers aiming to maximize shareholder wealth.

SGERin Equation (3) is not inconsistent witie standard view that expected return is a riskless
rate plus a risk premiumThe objedtze of much of the asset pricing literature in finance is to
measure this risk premiunThe riskless rate and the risk premium are implicit rather than
explicit in SGER They impact pricaewhich determinesnarket/book”, in Equation (Al)and

the dividend yielddy, butnot SGERdirectly.

SGERrequires no statistical estimation of unknown model parameters that creates estimation

risk. Sometimes, see, for example, Stowe, Robinson, Pinto, and McLeavey (2002, page 67),
financial analysts estimate expected return with growth estimates based on average corporate
growth, like, for example, sales growth. These averages use short time series averages to ensure
that current corporate characteristics have not diverged segmtiffdrom the past. With small

sample sizes, the likelihood that the growth estimate diverges from true value is great.

If we use arEPSforecast divided bBPS(book value per shares aROEforecast, then we
presume that accounting returns are gecohomic return forecasts. They need not be. For
example, if corporate managers choose inappropriate depreciation schedules, tE&tShath
BPSmis-measure their corresponding economic counterparts. The net effect is to bias

accounting returns relae to economic returns. There is a literature on the accuracy of

11



accounting returns as economic return proXids.addition, ve present evidence later that that
accountingROEoverstates economiRROEfor growth stocks and understates econdR@Efor
value stocks.Despite limitations, investors can profit from accounting returns if investment

strategies formed witBGERearn abnormal returns.

There are many ways that an investor might fordeR@dtin Equation(3). One possibility is to

use consensdsi n a n c i aHPSfaratasts relativestsBPS There is a large literature that

finds that analysts forecastov@rp t i mi st i cal | y. etAlf200b)gMcNithble r s , @)
and O6Brien (1997), D eteat(200¥ y argeektat beases arige 2rénD 2 ) an
invest ment banking relations between anal ysts
et. al(2007) report evidence that earnings surprises are more negative for value rather than

growth stocks. An investor might account nich biases before usiSgERIn Equation(3).

On the other hand, despite the fact that we ignore analyst forecast biases, in the following section

we useSGERIn Equation(3) to form portfolios that earn abnormal returns.

An attraction for applicatio of the growth and expected return expressions on the right hand side
of Equationg3) and(C3) in Appendix Cis that they use terms that are easily foreda6tH) or
observable from a combination of stock market trading (share price and dividend iyteld) a
financial report§Book equity). Recognizing caveats that we discuss above and empirical tests
in section 3 that help to identify growth common shares, an investor migBQE&Nn Equation

(3) as an expected return guide. We need three financialumesamarketbook, current

dividend yield, and forwar®OE For publicly traded firms, the first two measures are easy to
calculate or, because they are widely reported in the financial press, easily retrieved. There are
many ways an investor might faastROEdepending on how precise he/she wants to be and the
amount of effort he/she is willing to expend. One possibility, readily available even to retail
investors, is to retrieve Price/Forward Earnings rmadketbook from a financial website. For

example, Yahoo!Financeyww.yahoofinance.conreports these measures for many public

companies. Forward earnings in the Price/Forward Earnings ratio is the consensus forecast of
sell side financial analysts surveylegl Thomson Reuters for fiscal yeand earnings to be
reported about one year hence. The ratimarketbook and Price/Forward Earnings isROE

® See, for example, Stauffer (1971), Fisher and McGowan (1983), Salamon (1985§2684), and Rajan and
Soliman (2007).
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forecast. With Equatio(C4) that transforms current dividend yield into a forward dividend

yield, an invetor has all of th&€GERterms in Equatioli3) as an expected return guide.

All parameters on the right hand sideSS&8ERn equation(3) are forward looking.ROEis

forward looking because it is a forecast. Dividend yieldraatketbook are forwarddoking
because they use share price. With share BiGE&RNncorporates information impounded in
prices that anticipates future corporate performance. If this impounding is accurate and
complete, if we have the correct asset pricing model for benchmyadad if ouROEforecast

is no more informative than that of the market, then it should not be possible to earn abnormal
returns from investment strategies base&GERIn Equation(3). This is our null hypothesis

for empirical testing that follows.

3. SGER Investing
3.1. Data

We retrieve test data f@GERinvestment strategies from tkEOMUSTATCRSR and Thomson
I/B/E/Sdatabase5. COMPUSTATis our source for book equitBVE), reportedearningEPS,
and other corporate financial data. We meaBWie as Total Assets less Total Liabilities less
Preferred Stock plus Deferred Taxes and Investment Tax Credits (fr&bOMEUSTAT
guarterly file). CRSPis our source for dividends, split factors, shares outstanding, daily share
price, and daily returnsThomsonl/B/E/Sis our source for reportdePSand consensus

a n a | gPSforecasts. Finally, we retrieve daily portfolio and figks rate data from Ken

Fr en c h 6 %for beechnsaikinggGERbased portfolios.

"COMPUTSTAT s a financi al i nformation product of -Hlt andard
companies. We use the Merged Primary, Supplementary, Tertiary & Full Coverage Research Quaaariyaind

files that include both active and inactive companies, which do not suffer from survivoCtit&stands for

Center for Research in Security Prices: Graduate School of Business, University of Chicago. THR/BSIB a

financial information poduct of Thomson Reuters. The acronyBiE/Sstands for Institutional Brokers Estimate

System. We use tHEB/E/Ssummary statistics file and the actual data file, both of which are unadjusted for stock

splits and stock dividends. We usBSPdaily cunulative stock factors to adjust for splits and stock dividends.

8 http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/Data_Library
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3.2. Portfolio Selection Criteria

We imposed a number of screens on firms for study inclusion. First, firms must have data from
each of theCOMPUSTATCRSR and Thomsot'B/E/Sdatabases, which constrains our study to
US publicly traded companies. Second, becauserbatketbook and forwardROEfor SGER

in Equation(3) entail division byBVE, we require that a common share have posBWE from

the latest reported quarterly/annual financial statements immediately prior to portfolio inclusion.
Third, because the growth presumptiotess lkely for negative earnings firms, we require

positive trailing twelve month earnings. Foul@GERiIn Equation 8) requires dividends, and
therefore, we impose the requirement that firms have positive trailing twelve month dividends at

the time of portfdb inclusion.

3.3. Corporate Performance Forecasting and Financial Measures

Thomsonl/B/E/Supdates current forecast data, as often as five times a trading day, on over

twenty corporate financial measures, including annual and quagie8yfor both cosensus and

detailed analyst by analyst forecasts, on over 25,000 common shares worldwide. The Historical
I/B/E/Sdatabase that we use reports a snapshot of these forecasts for the Thursday preceding the
third Friday of the month, whichiB/E/Sreferstoa A St at i sti cal Peri odo da

rebalances portfolios at closing prices on Statistical Period dates.

We forecasROEIn three separate ways with three different medfafc/Sa n a | EPSt s 6
forecasts: for the firstsecond, and third yet teebreported fiscal yeaend annuaEPSat a
Statistical Period dat®.Denot e t hes e ER®fatecasts aERSLERSZand s 0
EPS3 Our threeROEforecasts for a firm arePS1BPS EPS2BPS andEPS3BPS where the
earnings forecasts are at a Stiatal Period date arBVEis from the most recently reported
guarterly/annual financial statements prior to the Statistical Period BRt®is BVE divided by
shares outstanding at the Statistical Period date. DenoteRbéEderecasts aROEL ROE2
and ROE3andSGERIn Equation(3) calculated with thesROEs asSGER, SGER, and

° The calendar date of a fiscal yemight precede a Statistical Period date because of normal reporting dEfteys.
report datdor actualEPSof afiscal yearis always after the statistical period date because WB&E/Sreports a
actualEPS theEPS2forecast becomete EPS1forecastand the formeEPS1forecast disappears.

191/B/E/Salso reports consensus and detailed analyst annual EPS forecasts beyond three fiscal years hence, but
reporting of these forecasts is unduly sparse to be included in our study.
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SGER, respectively. We make no claim tfDE1 ROEZ2 or ROE3are the best possibROE

forecasts. The simplicity of oROEf or ecast s highli ghnhsopbet hact
data for best fit measures that unlikely represent future returns as well. In the current paper, we
opt for simplicity, but recognize that evidence we uncover may guide the search foRk¥tter

forecasts both faBGERnvestment strategies angpresenting expected equity returns.

The first Statistical Period date, which beginsitBéE/Sdatabase, is 1/15/1976. Common

database coverage is up to August 2007 where the last Statistical Period date is 8/16/2007. Our
test period foSGER andSGER2 is 31 years and 7 months, or equivalently, 379 months. Our

test period is shorter f@GER becausé/B/E/Sonly begins reportingP3 1 forecast earnings

three unreported fiscal yeands hence at the 9/20/1984 Statistical Period date. Our tesbgd

for SGER3s between 9/20/1984 and 8/16/2007, which is 23 years, or equivalently, 276 months.

The forward dividend yield in EquatiqB)i s t he current dividend yiel
dividends, which is dividend per share summed diradend declaratiordatesfor the 12

months prior to the Statistical Period date, adjuste@RgPshare factors for stock splits and

stock dividends between the dividend declaration date and a Statistical Period date, divided by
closing share priceonthe Stas t i ¢ a | Peri od da¢Cédinthe ApgendinG.t ed by
With this expression, because we use three sefR@idorecasts, there are three

corresponding, forward dividend yieldy1, dy2 anddy3 respectively.

Marketbook in Equation(3) is the closing share price multiplied by shares outstanding, both on
the Statistical Period date, divided BYE from the most recently reported quarterly/annual

financial statements prior to the Statistical Period date.

3.4. Descriptive Statistics and Portolio Characteristics

For each monthly Statistical Period date from 1/15/1976 to 8/16/2007 we cafGlan
Equation(3) for firms with positive trailing twelve month dividends, positive trailing twelve

month earnings, and positi®/E*" Figure 1 depits nonlinearities in the relation between

" There are many wayhbat an investor might estimate growth in the growth discounted dividend model for

expected return calculated as dividend yield plus gr owl
realized annual EPS is a growth forecast. In testing raumsenf these expected return measures we find none that

overall outperform&GERIn investment strategies as a stock selection measure (results not repfo@é&dRhas the
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expected returns and profitabilifROE that will likely obscure the relation between returns and
profitability in the entire crossection of firms Therefore, 6r each Statistical Period date, we
first sort firms into fiveBook/Marketquintiles(b=1,2,3,4,5)and then for eacBook/Market

quintile into five SGERportfolios(k=1,2,3,4,5) This double sorting leads to twetftye

portfolios that we rebalance at each Statistical Period date over the 379 mbpénites In
addition, because we sort firms witlBook/Marketquintiles in three ways, witSGER,,

SGER, andSGER, (j=1,2,3)we investigate 825=75 portfolios. Over our test periods, 379
months forSGER andSGER and 276 months fd8GER3, the averag numbers of stocks in the
25 portfolios is 44.5, 39.6, and 14.9 respectiVélifhe relatively small number of stocks in
SGER portfolios is because analyst annbB&lSforecasts are sparser for three unreported fiscal
years hence compared to one and tweported fiscal years hence. Since the average number
of stocks INSGER, SGER, andSGER3 portfolios is not overly great, the portfolios in Table 1
and subsequent tables can be replicated by even retail investors, which increases the economic

significarce of our results.

Table 1 reports median market cap for #&ER, SGER, andSGER portfolio sets. First, low
Book/Marketgrowth firms tend to be larger firms than hi@bok/Marketvalue firms. Second,
for anyBook/Marketquintile and for an\sGERportfolio, market cap increasésr SGER3
compared t&8GER compared t&GER. portfolios. This increase reflects tfaet that analysts
more likely forecasePSfurther in the future for larger compared to smaller firms. Last, within
Book/Marketquintilesthere is no strong relation betwe8GERand market cap for any of the
SGER, SGER, or SGER portfolio sets.

Also in Table 1, we report the most commadidit SIC code and the percent of firms within a
portfolio with that SIC code for each of the daeisbrted portfolios and for each of the three
SGERportfolio sets. For reference purposes, for the overall sample of firms that satisfy our
selection criteria, the percentage of firms in the 5 most comntigitlSIC codes, 2002999,
300063999, 40004999 50065999, and 600®999 are 19.83%, 20.94%, 13.75%, 8.69% and

advantage that it is based on mar keatt meaurpeog ait eMd rhkee tm
assessment of future corporate performance.

2 Table 4 gives the total number of observations in our sampRG&R., SGER, andSGER portfolio sets as
421,752, 375,452, and 103,077, respectively. Because there 379 anatistg@&tPeriod months f@GER,
SGER andSGER portfolios with 25 portfolios each, the average number of stocks in a portfolio is
421,752/(25%x379)=44.5, 375,452/(25x379)=39.6, and 103,077/(25*276)=14.9, respectively.
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27.25%, respectivel{? The fractions in Table 1 do not vary markedly from these benchmarks,
which indicates that our portfolios are not eweight in particular industries compared to
randbmly selected portfolios. There is some evidence over our test period that a higher fraction
of growth firms have 2006999 SIC codes and a higher fraction of value firms have-4000

and 60006999 SIC codes compared to randomly selected portfolios.

Table 2reportsMarketBook, Current Dividend Yield, Forwaf@dOE and Implicit Growth
M/B1, M/B2, M/B3 are mediamarketbook ratios dyl, dy2 dy3are median current dividend
yields In each case, the numbering 1, 2, 3 refers to portfolicS$8ER, SGHR2, andSGER3,

respectively.Denote b)ROEé,k, the median forwar®OEfor Book/Marketquintile b=1,2,3,4,5,
SGERportfolio k=1,2,3,4,5for SGERmeasure$=1,2,3. Denote b§:‘,vk, the median implicit

growth forBook/Marketquintile b=1,2,3,4,5 SGERportfolio k=1,2,3,4,5for SGERmeasures
j=1,2,3.

For low Book/Marketgrowth stockgb=1) in Table 2 market/books, of course, high.
Marketbook is high for growth stocks because forwR@Eand implicit growth aréigh. For
high Book/Marketvalue stockgb=5), market/books, of course, low. Market/Book is low
because forwarROEand implicit growth are low for value stocks. Within @yok/Market
quintile, for either growth stock®=1) at the top of Table 2 dor value stock¢b=5) at the
bottom of Table 2marketbook tends to increase wiBGERfrom low SGERportfolio (k=1) to
high SGERportfolio (k=5). The reason for this increase is tB&ERincreases with forward

ROEand more profitable firms have greatearketbook.

For anyBook/Marketquintile (b=1,2,3,4,5)and for anySGERportfolio (k=1,2,3,4,9 portfolio,

median forwardROE, ROE‘,,k Jincreases foBGER (j=3) compared t&&GER (j=2) compared

to SGER. (j=1) portfolio sets. Thais, ROEik > ROé,k > ROE. TheseROEs useEPS

forecasts three, two, and the upcoming unreported fiscal year h&@é,k exceed:ROEs,k,

1331C codes 200@999 are simplenanufacturers, like, food products and textiles; 38999 are manufacturers
with more complex production processes, like, electronics, automobiles, and aircraf99®08re transportation
and telecommunications industries; SE88P9 are retailers andhwelesalers; 6006999 are financial firms.
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which exceedQOé,k beause they use the saBBSdenominator, but there is typically grow

i nherent i n ERSioaetagtsfiirthed ouaimthme dutude in the numerator.

Because firms tend to maintain dividends despite deteriorating financial conditions reflected by
low share price and low forwaRIOE the dividend yield of value stocks, at the bottom of Table

2, tends to exceed that of growth stocks, at the top of Table 2.

For highBook/Marketquintile (b=5) and for eactsGERranked portfoliak=1,2,3,4,5)median

market/book is less than one, but implicit growt&.j,hk ,while lesser than that of lo®ook/Market

quintile (b=1, growth stocks)ﬁljyk, IS, nonethelesqositive. Growth with markebookless than

oneisinconsistet wi t h Bl azenko and Pavliovds (2009)
inconsistency arises, possibly, because as we discuss in the next section, forward accounting
ROEis a downwardly biased measure of econoR@Eand correspondingly, market/bookais
downwardly biased mg &Ssedaotaotddff o Tod i chidosc f L DI6EO)
Erikson and Whited (2000) and Gomes (2001) suggest measurement error in nyaagitred

source of the empirical failure of margirgplo completely summarizall of the factors relevant

to corporate investment decisions.

3.5. Realized Versus Expected Returns

We measure portfolio returns from a Statistical Period date, where we form a portfolio, to the
following Statistical Period date, which is approximai@imonth later. Because Statistical
Period dates are nyahonth rather than mon#ind, we cannot useRSPmonthly returns.

Instead, for firmi= 1 , &, inéortfoliob=1,2,3,4,5k=1,2,3,4,5or Statistical Period month

t= 1 , ZP, whereTPis the number ofnonths in our test periocdwe compoundCRSPdaily

returns,r,, ,

t =1, 2T, &here 1 is the trading day following the Statistical Period date for
portfolio formation andr, is the number of trading days in ntat to the next Statistical Period
date for portfolio rebalancing. Return for motthl , 2TP, &, forfirmi= 1, Bl iné

portfolio b=1,23,4,5 k=1,2,3,4,5petween Statistical Period dates, is,

14T Fis 379 for portfolio setSGER andSGER and 276 for portfolio Se6GER.
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N
Theequally weighted portfolio return in months R, , :%a R o« - BECauseSGERis an

i=1

annual measure, we annualize realized monthly portfolio returns for comparison purposes.

: . .= eX B
Annualized portfolio return over our test periodRs« = O (1 +R,b,k) g L
et=1 u

DenoteSGERfor firm i= 1 , 2, ireportfoliob=1,2,3,4,5k=1,2,3,4,5for montht= 1, 2T,F¢ ,
as SGER .. MeanSGERfor portfoliokis,

—_— 1 TPa1 N,
SGER = — SGE
“ Tpf%lgeﬁé B

Table 3 reports these returns, expected returns, andjtrﬁelience,ﬁé,k - SGEIEK, for portfolio
setsSGER, SGER, andSGER(j=1,2,3, respectively)

Within each of the fivdBook/Marketquintiles, realized annual average portfolio returns,

Roxincrease fronthelow SGERportfolio (k=1) to the high SGERportfolio (k=5). This increase

is monotonic foISGER (j=1) andSGER (j=2) portfolios and almost monotonic for ttf®GER

(j=3) portfolio. Even for the&sGER portfolio, the high SGERportfolio (k=5), always has a

greater avexge realized return thahelow SGERportfolio (k=1). Realized returns strongly

follow SGER which gives us confidence that, despite application crudeness, there is economic
content tcSGER

The object of our study is to determine whether we cars@&#Rto earn abnormal returns in
investment strategies. However, we also have a secondary interest 3Gfepresents
realized returns. Bear in mind that @@BERapplication is guided by simplicity so that

investors might use it rather than a beslized return representation. For readers who might be
interested iISGERwith closer correspondence to realized retiirpsssibly for cost of capital

determinatiori fine tuning our crud&GERapplication is in order. We present evidence,whe
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we compae Table 3 to Tables, &, and8 in section 3 below, that the best measure for

abnormal returns is not necessarily best for realized return representation.

At the bottom right of Table 3, we average differences between realized and expected return,

Fikj),k - ﬁl?k, over the 25 portfolios for each portfolio S&ER, SGER, andSGER

(1=1,2,3, respectively) Notice that this average is over all portfolios, both growth and value.
These averages are positive 8 BER andSGER (4.2% and 1.9%respectively), which means
that SGER1andSGER understate realized returns. On the other hand, the average difference
between realized and expected returns is negativeG&R3 portfolios ¢1.4%), which means

that SGER overstates realized returns. €of the reasons th&GER. portfolios underestimate
realized returns is that the ann&ftSforecast irROE1for the upcoming unreported fiscal year
end is on average about 6 months hence. On the other hand, EqR)oisGERrequires a

one year fonardROE This discrepancy means tfDE1misses about 6 months of earnings
growth. This explanation is not complete bece&E&ER portfolios also understate realized
returns(but, not by as much aS8GER portfolios) andROE2forecasts yearly earningsPS2

about 18 months hence. However, it does explainS@ER portfolios under represent

realized returns to greater extent tt®BER portfolios and equivalently, wh$GER portfolios
under represent realized returns to a greater extenSB&R3 portfolios. The least absolute
difference between realized and expected retuind%, is forSGER3 portfolios. ForecadEPS

in the numerator dROE3is for the third unreported fiscal yeand in the future, which averages
about 30 months hence. PossiblyrBonths leads to better logrm ROEforecasts because of
short term profitability reversion documented by Fama and French (2000). One of the
differences that we note betweB8GER, SGER, andSGER portfolios is that firm size
increases across thesetfaios. Bias iInSGERcompared to realized returns might be related to

biases in analystsod6 forecasts related to f

There are differences between growth and value stock6€ER® s r epr esent ati on

returns. For growth stocks at the wiprable 3,SGERtends to overstate realized return&GER

is especially high foBook/Marketquintile b=1 with growth forecasts that are unlikely

sustainable indefinitely. This growth implies high growth leverage, which is particularly onerous

in statc modeling because not only can managers not suspend growth investments upon poor

profitability, but also these expenditures grow over time. On the flip S@ERis low
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compared to realized returns for value stockBank/Marketquintile b=5. Despitahe fact that

Chanet.all 2007) report evi de RStoretastiagtis mare pronqueceds 6 o p't
for value compared to growth firms, in TableéS&;ERunder representsealized returns for

value stocks. Becau$S®OEis low, growth prospects aseasured by implicit growth are low,

and therefore, growth leverage risk is low. These observations suggest the possibility that

forward accountingROEc al cul at ed wi t h a nBEPBundetstatdecdnamicecast s
ROEfor value stocks and overstatconomidROEfor growthstocks. Nonetheless, we illustrate

that portfolios formed witlBGERearn abnormal returns in sectio®.3.

For any one of th8 GERportfoliosk=1,2,3,4,5 realized returns increase almost monotonically
moving from the lowesdBook/Marketquintile b=1 (growth stock} to the highesBook/Market
quintile b=5 (value stocks This increase, which is especially pronounced&BER and

SGER portfolio sets, is consistent with well documented evidence in the financial literature that

value stocks offer higher returns than growth stocks.

3.6. Earnings Surprise andSGER

We measureanings surpriséor frmi=1, 2, é, N, b#lR,3,p 9kr1t213,4,5for o
Statistical Period, =1, 2, ¢, TP, as,

. _IBES actual EP$, - IBES forecast ERJ
Yok COMPUSTAT TTM ERS,,

(4)

where both/B/E/SforecastEPSandCOMPUTSTATITM EPSare atl/B/E/S Statistical Period
dates. We us€RSPshare factors to adjuBB/E/SactualEPSfor stock splits and stock
dividends between tHéB/E/S Statistical Period datend theEPSreport date to make it
comparable t&/B/E/SforecastEPS Because eithdfB/E/SactualEPSor I/B/E/SforecastEPS
can be negative, to eliminate firm size effects, we normalize with neither, but, instead, with
COMPUSTATTTMEPS COMPUSTATITM EPSss trailing twelve month earnings divided by
the number of shares on the Statistical Period date. Because positive trailing twelve month

earnings is a sample selection screen for our sSCAWPUSTATI TM EPSis strictly positive.
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I/B/E/Sbeginsreporting actuaEPSstarting in 1980 which is after the beginnmg our st udy 6

test period Further, forecasts near the end of our 2007 test period have not yet reyotutdd
EPSin thel/B/E/Sdatabase. For the Z5ER andSGER portfolios, we meaure earnings
surprise for 324 Statistical Period months. For th&RGE&R portfolios we measure earnings
surprise for 257 Statistical Period montWghenl/B/E/Sactual annuaEPSis missing, it is often
available inCOMPUSTAT However, we do not suliste COMPUSTATEPS because
accounting conventions differ betwe€@MPUSTATand|/B/E/S which means th&P Sfrom

these two sources are not comparabl@ccasionally)/B/E/Shasan actuaEPS but noreport

date In addition, we eliminate observationgh report dates earlier than or more than 365 days
after the fiscal year end for tl&> Sforecast. Panel Bof Table 4 gives ancaountingof our

original sample versusur earnings surprise sample.

Table 4 reports median earnings surprﬁiaq:median(mediarﬁ'{t’b,k , =1, 2, TP),

for each of the 25 GERportfolios. We also report the number of earnings surprises for each

portfolio, which is the sum over Statistical Periods of the number of stocks in the portfolio.

There are four interesting features of eagsisurprises in Table 4. First, for tA&ER (j=1)

portfolio, where the report date for act&® Sis about 6 months after the forecast at Statistical
Period dates, earnings surprises are modest. The greatest earnings surprise is 3.4% in absolute
valuefor the highesBook/Marketquintile (b=5, value stocks) and the highé&GERportfolio

(k=5). For growth stockéBook/Marketquintile b=1) earnings surprise is close to zero.

Second, as is commonly reported in the forecast literature, Table 4 indicHtasalysts
optimistically forecasePS Of the 75 portfolios in Table 4, median earnings surprise is hon
negative for only a handful @GER. growth portfolios, and then, only modestly positive. All
SGER andSGER3 portfolios have strictly negativeedian earnings surprise.

Third, Table 4 has only weak evidence consistent with @haad(2007) who report that
earnings surprise is more negative for value compared to growth stockSGEB(j=1)

portfolios, earnings surprise is negative for tighbstBook/Marketquintile (b=5, value stocks)

15 Analysts generally make earnings forecasts before discontinued operations and otiwedery items, and
therefore )/B/E/Sreports both actual and forec&RSin this way. Since this convention is not standard, there can
be discrepancies betwelB/E/Sand othelEPSsources.
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and nonnegative for the lowe®8ook/Marketquintile (b=1, growth stocks). FOBGERZj=2)
portfolios, clear patterns are hard to identify. HoweverSfBERrankedportfolios,k=1,2and

k=4,5 (but notk=3), earnings surprise is most negative acBssk/Marketquintiles for
Book/Marketquintile b=5 (value stocks). Contrary to this evidence S@&ERportfolio k=3,
earnings surprise is most negative acBssk/Marketquintiles forBook/Marketquintile b=3.

Last, there is no discernible evidence $@ER3Jportfolios that earnings surprise is more
negative for value stocks. For the fi@8&ERranked portfoliogk=1,2,3,4,5) earnings surprise is
never most negative acra8eok/Marketquintiles for the highéBook/Marketquintile (b=5,

value stocks). The further out tB®Sforecast, the weaker is evidence that earnings surprise is

more negative for value compared to growth stocks.

Fourth, at least foOBGER (j=2) andSGER (j=3) portfolios, where analyst&PSforecasts are

on average about 18 and 30 months hence, there is a strong relation between earnings surprise
andSGERwithin Book/Marketquintiles. This relation is close to monotonic 8BER (j=2)

portfolios and strictly monotonic f@GER3 (j=3) portfolios. FOISGER3 (j=3) portfolios,

earnings surprise is more that 40% in absolute valueigbestSGERportfolio (k=5) for
Book/Marketquintilesb=2, 3, 4, and 5HighestSGERportfolio (k=5) for SGER (j=2)

portfolios has the most negative med&arnings surprise for alook/Marketquintilesb=1, 2,

3, 4, 5. These results indicate that for relatively longer rather thantsharforecasts, for value

and growth stocks, analysts are most optimistic for high expected return firms.

However, thisoptimism is not to the detriment of investors. Table 3 confirms a positive relation

bet ween realized and expected returns. So, e
forecasts are most opti mi st i aottothé\detrirheatofopt i mi s
investors, they are also not to the great advantage of investors either. In the next section, in our
search for abnormal returns, we present evidence that high returns f@GidRportfolios are

not abnormal, but risk compengatn . I f optimistic analystsoé for
nor benefit of investors, they may be s&dfving. This optimistic forecasting is only feasible for

longer rather than shettrm forecasts, because over the stemn, high realized tarns are

unlikely. As a consequence, shtetm forecasts are quite accurate, like those reported in Table

4 for SGER. (j=1) portfolios.
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37 Analystsd6 Recommendati ons

Table 5reports for each of the 25 portfolio®€1,2,3,4,5k=1,2,3,4,5) for SGER1(j=1), SGER2

(=2), andSGERJ3j=3) portfolios analyst6 mean consensuys recommendat

' e¥%aq1 N, < ¢
Reconx = ——¢&9 «— 3 Rec <
37082 gy, @ Recom ¢

whereRecompki s anal ystsoé c on,ebmimadfonVBESo mmendat i on
Recommendations Summary Statistics, Fdefirmi= 1, N, ie@gmontht=1, 2, é, 379, f or
portfolio b=1,2,3,4,5k=1,2,34,5, where the 25 portfolios are formed by sorting all firms at a

statistical period date Byook/Marketinto 5 quintiles and then for each quintile into 5 portfolios

by SGER1(j=1), SGERZj=2),andSGERJj=3) separately.

Consistent with Jegadeesh et al.(2004ble 5shows thatinalysts make favorable
recommendations fagrowth stocks(low Book/Market) compared to valstocks(high
Book/Market). FoOISGERmeasureg=1,2,3 mean recommendaticau® lower (favorable) for

growth(b=1) compared to value firnfls=5), Recorré,k > Recorjlm forj=1,2,3 ank=1,2,3,4,5.
However, consistent with Chan et. al (2007), Table 4 reports th&fBR1andSGER2
portfolios, analysts make optimistic eamgnforecasts for value stocks=6) compared to
growth stocksl§=1). It is puzzlinghatanalysts make favorable recommendagin stocks

(growth) for which they forecast earnings least optimistically.

Table 5 shows that within ea&ook/Marketquintile, analysts make favorable recommendations
for high SGERportfolios k=5) relative lowSGERportfolios k=1) for SGER1(j=1),SGER2

(j=2), andSGERJj=3) portfolios. The F-statistic for the differences between mean
recommendations amotiige SGERportfolios within eactBook/Marketquintile are all
significantfor SGER1(j=1),SGER2j=2), andSGERJj=3) portfoliosatthe p=0.000 level

The evidence in Tables 4 and 5 is thaalystanake favorable stock recommendations and most

optimistically forecasearnngs for hgh SGER firms.

® Recommendation Scales are: 1=Strong Buy, 2=Buy, 3=Hold, 4=Underperform, and 5=Sell.
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3.8 Normal Returns

The positive association between realized returnsS&idaRin Table 3 may be risk
compensation and does not assure abnormal returns for investment strategies 5&ded on
We test for these abnormal returghis section.

We use aonditionalfour factor asset pricing model to represent normal returns. Fama and

French (1992) suggestBmok/Marketfactor, a size factor, and a market factor. The
Book/Marketfactor is the return difference between poitfelof highBook/Market(value) and

low Book/Market(growth) firms. The economic rationale foBaok/Marketfactor is that it

represents distressed companies that have had poor operating performance in the recent past and
that, therefore, have higher thaormal leverage. Reinganum (1981, 1983) and Banz (1981)

report evidence that small firms have great investment risk with higher returns than can be
explained by financi al model s of the ti me. F
differencebetween portfolios of small and large cap firms. The CAPM justifies a market factor,
which we measure with an index that represents the market portfolio lesdraeigkterest rate.
Jegadeesh and Titman (1993) report evidence that momentum investiraiegfies that take

long (short) positions in stocks that have had good (poor) share price performance in the recent
past earn higher returns than can be explained by financial models of the time. Following,

Carhart (1997), Eckbo, Masulius, and Norl2®Q0), and Jedadeesh (2000), we include a

momentum factor 1 the return difference bet we

Unconditional asset pricing modelike, Fama and French (1992) and Carhart (1997), presume

that expected return and factoattings are constant over tintéowever,Ferson and Harvey

(1991) present evidence that betas are time varying. Since our sample period is over 31 years for
SGER andSGER, and 23 years f(8GER3, it makes sense to allow for tirvariation in the

conditional factor loadings. Following Ferson and Harvey (1999), we specify the factor loadings

asa linear function of informatiomariables: aggregate dividend yield ahdrisk-free rate

From Ken Fr e rddwalead deigy betuing fahe six Fama ad French (19933ize
andB/M portfoliosused to calculate theBMBandHML portfolios (valueweighiedportfolios
formed on size anthenbookmarket)andthe six sizeandmomentum portfolios (value

weightedportfolios formed on size arréturn from twelvenmonths prior to one month prior)
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We compoundlaily returngfor theriskless ratedpr the CRSPvalue weighted portfolidior the

six sizeB/M portfolios, andor the six sizemomentum portfoliobetween/B/E/S Statistical

Period dates. Followingtheet hodol ogy on Ke ncrekte montchBMBs web si t
HML, MOM risk factors andthe market risk premiunthat we use to benchma8GER

portfolios.

We riskadjust the25 Book/Marketand SGERsortedportfolios withfour risk factorsn the

regressiomrmodel:

Rl,k,t_ Rf,t <k %,kSMB b’k HML ok MOM q)t(" Iﬁt R)' 2

b=1,2,3,45 k=1,2,3,45,t= 1, 2F, é(5)

Sk = ok tSpxDYr Bpi Ry
My =t MpDYir B Ry,
My =My MDYy W, R,
by = Box t18DY ARy,

b=1,2,3,4,5 k=1,2,3,45,t=1, 2 ,T€. (6)

whereR, k; denotes the return on portfolis-1,2,3,4,5 k=1,2,3,4,5in montht=1,2 €éTP,

Rs4, is the riskless rat®Y;.; is the CRSP valuaeighted index dividend yield lagged one period
Rwu 1, the return on the market portfolio, is the return onGR&Pvalue weighted index of
common stocks in month measuredetween Statistical Fed dates by compounding daily
CRSPvalue weighted return§MB andHML; are the smalminusbig and highminuslow
FamaFrench factorsandMOM, is themomentum factor in montthh The monthly riskless rate,
Rsy, is the compounded simple daily rateywdoaded from the website of Ken French, that, over

the trading days between statistical period dates, compoundsrtmath TBill rate.

Substituting(6) into (5) for Sy, Nk, Mok, andbyy, yieldsthe conditional fowfactor model. We
test our25 Book/Marketand SGERsortedportfolios(b=1,2,3,4,5k=1,2,3,4,5pn the
conditional fourfactor model. Table§, 7, and8 report theestimation ofegressior{5) and(6)
for portfoliosformed wth Book/Marketand therSGER. (j=1), SGER (j=2), andSGER (j=3),
respectively.
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39. Abnormal Returns

We now turn to abnormal return evidericeon-zero alpha$ for the portfolios formed with
SGER (j=1), SGER (j=2), andSGER3 (j=3), in Tables, 7, and8, respectively. The evidence
is very strong in Table8and 7 and weaker in Tabl8.

We begin withSGER. (j=1) andSGER(j=2) portfolios in Table$ and7. In each of these
Tables, for eacBook/Marketquintile, & for lowestSGERportfolios (k=1 and 2)is always
negative, always statisally significant, and generally significant at the one percent level. On
the other hand& for middle SGERportfolio (k=3) is always negative, but sometimes
statistically significant and sometimes not. Finallyfor highestSGERportfolios k=4, and 5)

is sometimes positive and sometimes negative, but generally not statistically significant at
conventional levels. In both Tabléand7, for eachBook/Marketquintile,b=1, 2, 3, 4, and 5,
Ha n s &stafisic’ rejects the null hypothesis of alpha equality for the five portfolios within a
Book/Marketquintile. Further, withirBook/Marketquintiles, these alpha estimatds, increase
from most negative for loweSIGERportfdio (k=1) to least negative or slightly positive for
highestSGERportfolio (k=5).

A monotonic relation betwee& andSGER negative and statistically significafit estimates

for lowestSGERportfolio (k=1), and insignificanté estimates fohighestSGERportfolio (k=5)
suggesthat investors might usSGERas a stock selection measure with some benefit. In
particular, negativeE for lowestSGERportfolio (k=1) suggests that the best investor use of
SGER:s to identify stocks not to hold or to short in their portfolios. In particular, it appears that

investors might use long/short investment strategies to some advantage. Insigaificant

indicates thahigh realized returns fdrighestSGERportfolio (k=5) within Book/Market
quintiles(b=1,2,3,4,5) is not abnormal but risk compensation. Returns are high because risk is
high. Investors can reduce this risk and add positive abnormal return to titf@liqeoby
shortinglowestSGERportfolio (k=1). We discussed some evidence in Table 1 that porebo
(high SGER for Book/Marketquintiles 3, 4, and 5 (value stocks) are eweight financial

" Following the methodology in Cochrane (2001, pp.-26%), T F times the J statistic is? distributed under the
hypothesis that intercepts equal one anothes 3 = a =,a = a , with degrees of freedom equal to the

number of oveidentifying restrictions minus one in the GMM (Gealized Method of Moments) estimation. See
Hansen (1982) for the original development of the J statistic. For the GRS test, Gibbons, Ross, and Shanken (1989),
pval ues (unreported) are boGww8 than for Hansends J in
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institutions, SIC codes 6088099. An investor can redechis industry risk, while at the same
time add abnormal return, by ensuring that he/she shorts financial institutions from portfolio 1

(low SGER from the correspondinBook/Marketquintile.

While useful for both, there is evidence in TalBesd7 that SGERs a better stock selection
measure for value compared to growth stocks. Bemk/Marketquintiles 4 and 5 (value stocks)
the estimated alpha difference between portfictidp (high SGERportfolios) and portfolidk=1
(low SGERportfolios) is greatethan forBook/Marketquintilesb=1 andb=2 (growth stocks).
The greatest estimated alpha differene; g, is 0.88% per month f@ook/Marketquintile

b=4 in Table6 and 0.68% per month f@ook/Marketquintile b=5 in Table7. These alpha
differencesrepesent t he potenti al Il ncrease in a valu
returns from holding hig@GERand avoiding lowSGERstocks. As is the case with any

investment study, we cannot distinguish whether these results arise from market ineféiciency

risk mismeasurement in the asset pricing model we use for testing.

Table8 for SGER (j=3) portfolios, addsveaklyto the evidence th&GERidentifies abnormal
returns. The evidence in Tal8és possibly weaker than Tablésand7, for a number b

reasons. First, the test period 8BER (j=3) portfolios, 276 months, is shorter than 8GER
(j=1) andSGER (j=2) portfolios, 379 months. Second, there are fewer stocR&GER (j=3)
portfolios (on average, 14.9 stocks) compareS@ER (j=1) and SGER (j=2) portfolios (on
average, 44.5 and 39.8 stocks, respectively). Both these portfolio characteristics reduce the
likelihood of uncovering statistically significant results RBERJj=3) portfolios. Third, the
consensus analyst anniE? Sforecast foROE3 in SGER3 is for 3 unreported fiscal years

hence, approximately 30 months in the future. The shorter term forecR&&itandROE?2are

possibly more informative for uncovering abnormal returns.

In Table8, for eachBook/Marketquintile, & for lowestSGERportfolio (k=1,2)is always

negative. On the other hand, for middle and higtSGERportfolios (k=3,4,and 5)is

sometimes positive and sometimes negative, but never statisticalljcsighat conventional

levels. For eacBook/Marketquintile,b=1 , 2, 3, 4statisbc,failsHoarejestehe Gul  J
hypothesis of alpha equality for portfolios witlBook/Marketquintiles. Last, within

Book/Marketquintiles, alpha estimated; , tend to increase from most negativelfavest
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SGERportfolio (k=1) to least negative fdrighestSGERportfolio (k=5). For eaclBook/Market

quintile, & , is always more negative tha .

SGERIn Table 3 forecasts some very high per annum returns for the |BaektMarket

quintile (b=1, growth stocks) antlighestSGERportfolio (k=5). However, thefz estimate for

this portfolio is statistically insigficant in each of Table§, 7, and8, which means that high
realized returns are risk compensation. There are also exceptionally high realized returns in
Table 3 for the highe®ook/Marketquintile (b=5, value stocks) and higheSGERportfolio

(k=4, ard 5). For these portfolios as well, the alpha estimates are statistically insignificant in

Tables6, 7, and8, which means again that realized returns are risk compensation.

4. Profitability Growth, and the Value Premium
4.1 The Value Premium

In this sedbn, we investigate return differences between growth and value firms. There are two
corporate determinants ofarket/bookprofitability and growth. We investigate the impact of

profitability on risk and return for growth versus value firms.

The dynant model in section 2 indicates that as profitabilROE) increases, risk can either
increase or decrease. Low profitability firms (value firms in thenhefst section of Panel A of

Figure 3 have either suspended growth or are at risk of suspendinghgr Increasing

profitability increases the likelihood of incurring ongoing growth leverage, which increases risk
and expected return. Value firms have not yet covered the expected costs of growth investment
with current profitability ROB), and therefee, value firms have high expected returns,

W(ROE). On the other hand, profitabilitiROE) reduces risk for high profitability firms (the
right-most section of Panel A &ligure 3. For these firms (growth firms), high profitability

covers the costs of grow, which reduces growth leverage risk and decreases expected return.

Consequently, growth firms have low expected retur{&OE) . Greater return for value

compared to growth firms is the value premium.

Our dynamic model from section 2, depicted in Figures 1 and 4, is consistent with a value
premium, but it does not guarantee a value premium. For example, if profité&bdiEy,of both
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value and growth firms is lower than depictedrigure 3 then because éhreturn to value stocks
decreases, but the return to growth stocks increases, then the value premium falls and can even

reverse and become negative.

In Table 3, value firms (lownarket/book have high realized average returns compared to
growth firms (lhgh market/book ForSGERmeasure$=1,2,3 average portfolio returns are
lower for growth compared to value firm§é,k >ﬁ,k j=1,2,3 ank=1,2,3,4,5 (IowSGERt0 high
SGER.'® This value premium is consistent with higher profitabilRQE for growth stocks
compared to value stocks. In Table 2,3 ERmeasures=1,2,3 median forwarBOEs are
higher for growth compared to value firrrEQEé,k > ROé,k j=1,2,3 ank=1,2,3,4,5 (IowSGER
to highSGER. Profitability measuretly forwardROEis greater for growth than value firms.

4.2. Profitability, Growth, and the Value Premium

The discussion above indicates that as profitabiRQE increases, risk can either increase or
decrease. It increases for value stocks but itedeses for growth stocks. However, holding
market/book constant (value versus growth), profitability increases return. In Table 2, for each
of theSGERmeasure$=1,2,3, within any Book/Market quintile=1,2,3,4,5, median forward

ROE(ﬁ,k) increases with respect 85ERportfolio k=1,2,3,4,5 (IowSGERto highSGER.

In addition, in Table 3, for each of t8&&ERmeasure$=1,2,3, within any Book/Market quintile
b=1,2,3,4,5, realized average portfolio retuﬁ?ﬂa increase with respect ®GERportfolio
k=1,2,3,4,5, lowSGERo highSGER. Panel B of Figure 4 plots this relation between return,
ﬁé,k, k=1,2,3,4,5, and profitabilityﬁik, k=1,2,3,4,5, for growthi=1) and value stocks
(b=5) for portfolios sorted b$GER1j=1. For both valuebE5) and growthi§=1) portfolios,

return increases with profitability. That i§;k increases Wiﬂ‘ROE&ls,k, k=1,2,3,4,5, and?ﬁ,k

increases WittROEh ,k=1,2,3,4,5. Fama and French (2006) and Haugen and Barker (1996)
report evidence that holding Book/Market constant, returns increase with profitability. However,
they neither offer an exghation, nor do they compare value to growth firms.

181n Table 3, therés only one exception to the observation that value portfolios have higher realized returns than
growth portfolios. That is]?{s?’,l =0.118 <I_Q13,1 8.11¢
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Figure 3 Expected Return and Value Premium
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Notes Figure 3plots expected returni{ROE) , versus profitability ROE, with earnings volatilitys=0.2, real
earnings growthg=0.06, and a risk adjusted rate fohgpotheticap e r ma gremhsusgension f i*x0.42.
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Figure 4 Profitability, Growth, and the Value Premium
Panel A
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Notes Figure 4 Panel A plots expected retum{ROE) , versugrofitability, ROE for different real earnings
growth,g=0.075,g=0.06,g=0.045, with earnings volatilitys=0.2, and a risk adjusted rate for a permanent

figrowth-suspension  f r*x0.h2. Panel B plots the relation betwesmualizedneanreturn, ﬁjt;,k ,k=1,2,3,4,5,

from Table 3, andnedianprofitability, ROEl),k ,k=1,2,3,4,5, from Table 2, for growtb<1) and value stock$®£5)
for portfolios sorted bysGER1
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Holding Book/Marketconstant, there are tworces that impact returns as profitabilROE
increases with the result that returns increase with profitability. First, as we discuss above in
section 4.1, in the dynamic model, holding maximum grogitiepnstant, profitabilityROE can
either increae or decrease risk as represented in Figure 1. ProfitaBilitl, increases risk for
value stocks, but profitability decreases risk for growth stocks. Second, there is evidence in

Table 2, that profitability increases growth. In Table 2, for eacheB@ERmeasure$=1,2,3,
within anyBook/Marketquintile b=1,2,3,4,5, median forwaiOE( ROEi,k) increases and also

implicit growth, §;k increases with respect &&5ERportfolio k=1,2,3,4,5 (lIonSGERto high

SGER . Because we use bothR(E)ramjm@rl@ttb(soI@nﬁékarnings

i mplicit growth is a combination of analystsoéo
portfolio, j, b, k. However, ve do have to se caution when using and interpreting this growth

measure, because there is some evidence in Table 3 as we discuss in section 3.5 that accounting
ROEcal cul ated with anal ystso6 d&OEforgrowthstocksor ec ast
and understatesenomicROEfor value stocks.

Panel A ofFigure 4plots expected returni ROE) , with respect to profitabilityROE for
different growth rategy. For value firms (low market to book and low profitability),
profitability, ROE increases risk and expected returd ROE) , holding growthg, constant
(that is, on any one of the curvgs0.045,9g=0.06, org=0.07). On the other hand, in addition,
profitability increases growth, which Panel AKifure 4depicts ashifting upward to a higher
growth curve. Higher growtly, increases growth leverage risk for any level of profitability,
ROE which increases expected retum{ROE) . For value firms, these two forces work
together to increase exgied return M{ROE) . Because these two forces work together to
increase return with profitability, the relationship depicted for value firms at the left most section
of Panel A ofFigure 4between expected returm{ROE) , and profitability,ROE is steep
compared to growth firms at the right most section. Empirically, PaneFRjofe 4depicts this

pronounced relation between returns and profitability for value portfolios in the left most curve.

For growth fims (high market to book and high profitability), profitabiliBQE decreases risk

and expected returm(ROEBE) , holding growthg, constant (that is, on any one of the curves,
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0=0.045,9g=0.06, org=0.07) in Panel A ofFigure 4 On he other hand, in addition,
profitability increases growth, which Panel AKifjure 4depicts as shifting upward to a higher

growth curve, which increases expected retufROE) . For growth firms, these two forces

work in opposite dections and therefore, eitheffectmight dominate. ProfitabilityROE

might either increase or decrease retum{&OE) , for growth firms. However, because these

two forces work in opposite directions, regardless of whethepdsgive or negative, we expect
the relation between returns and profitability to be lesser for growth stocks compared to value
stocks. In the righitmost curve in Panel B éfigure 4 the empirical relation between returns

and profitability is positivebutless steep for growth compared to value stocks. That is, the
relation betweerﬁi,k and Roé,k, k=1,2,3,4,5 is weaker than is the relation betwgén and
ROB, k=1,2,3,4,5.

More formally, Table 9reportsthe regression slopef portfolio returnon profitability, ROE In
each statistical period, we estimate a cross sectional regression of monthly stock return on

forward ROE (separately foROE1 ROEZ andROE3J for each market/book quintile
(b=1,2,3,45).

Riv =9» T4,ROE, #,,

where R ,is the monthly return an®OE, , is forwardROE for firmi=1,2,...,N, in
book/market quintiléd=1,2,3,4,5, in statistical ped t=1,2,...TP, u, is an error termg,, ,and

g, ,areintercept and slopeoefficiens.

For each Book/Market quintild£1,2,3,4,5), Table 9 reports the average of esessional
estimeledsIopescoefficientséLb in the regression of portfolio return ®OEover the 379
statistical periods foBGERIandSGERortfolios (=1,2 and276 months foSGER3
portfolios (=3). Generally, the slopeﬁlyb, increases monotonicallyith book/market
(b=1,2,3,4,5¥or SGER1SGER2andSGER3Jortfolios (=1,2,3).All of the slopesélyb , are

positive with the exception g@frowth stockslf=1) in SGER3ortfolios. Holding book/marke
constant, the relation between returns and profitability is positive slopdor value stocks
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(b=5), 51,5, are greatethangrowth stocksk{=1), 51’1, for SGER1SGER2andSGER3Jortfolios
(1=1,2,3). Statistical tess for slope differencebetween growtlstocks(b=1) and valuestocks
(b=5), g,5- g, are allstronglysignificant forSGER1SGER2 andSGERYortfolios (j=1,2,3).

These resultareconsistent withour dynamic model and euwiscussion associated with Panel A
of Figure 4 Thepositiverelation between returns and profitabilisystrongerfor value

compared tgrowth stocks
4.3. Limits to Growth

Both the static constant growth discounted dividend model in Appendix B §#dl1938;

Breal ey, Myers, Allen 2006, chapter 4) and BI
valuation model presume limits to growth. Appendix B for the static model and section 2 for the
dynamic model, represent these limits with the growth paranggtehich does not change with

other corporate characteristic including profitabilRQE Profitability does not enhance the

maximum rate at which a firm can growimited investment is consistent with convex
investmentdjustment costs (Hayashi 198bel and Eberly 1994; Kogan 2004)obin (1969)

also limits investment because, otherwise, businesses invest (or divesfegpils unity:’

There is evidence in Tables 2 and 3 of limits to growth, but there is also evidence of violations to
this presumption.

The value premium in Table 3, lower returns to growth firms compared to value firms, is

consistent with higher profitability for growth firms compared to value firms in Table 2 and
growth firms better fcov e rrdfitabjity. Rskaad returrye o wt h i
|l ower for growth firms. This better ficoverin

growth and a modest impact of profitability on corporate growth.

On the other hand, there is also evidence that profitalriitgases growth, which implies that
growth is not strictly limited. In Table 2, within aBpok/Marketquintile,b=1,2,3,4,5, both

forward ROE ROI—ik, and implicit grovvth,ﬁiyk, increase from lovGERportfolios to high

SGERportfolios, k=1,2,3,4,5. Also, Panel B &igure 4showa positive relation between

T 0 b iqis @sset value divided by replacement cost, which empiricists generally measurecwithtag capital.
Firms invest whem exceeds one because Tobin presumesittegtresents both the average and marginal impact of
investment on value. Hayashi (1982) distinguishes between average and nearginal

35



profitability and returrfor bothvalue stock&ndgrowth stocks Table 9 reports statistically
significant evidence thdhe positiverelation betweenrpfitability and return is stronger for
value compared to growth firms. Tdexesults are consistent with our discussion of Panel A of
Figure 4 thathe positive relation between profitability and return for growth stechksaker

than that for value stés.
5. Expected ReturnversusEarnings Volatility

In standard option pricing theory, Galai and Masulis (1976), the expected return on a call option
decreases with volatility. Matility increases the expected payoff to option exercise relative to
the eypected cost of buying the underlying asset through the option contract. An increase in
payoff relative to cost is a leverage (risk) reduction that decreases expected option elilken.
Galai and Masulis (1976), we find that earnings volatilsty,can increase or decrease expected
return, ”{ROE) . Figure 5plots expected returnf ROE) , and the expansion boundasy ,

versus earnings volatilitys . Holding profitability constanfROE=0.105, and with a growth rate,
0=0.06, expected returm{ ROE) increases with earnings volatility,, when volatility, s , is

small andmarket/bookis less than oneg(<1). In Galai and Masulis (1976), volatility does not
change the exercise price of the call option. However, in our dynamic equity valuation model,
earnings volatility,s , deceases the equivalent, the value maximizing expansion boundary,

For an indefinite sequence of growth options that are undiminished by the exercise of any of
these opportunities, the manager is relatively more concerned wgittelgarnings potential

rather than downside earnings risk. While greater volatility increases both upside potential and
downside risk, the manager focuses on greater upside potential. Incralasedppeal of

business expansion to the manager reddeesgdlue maximizing expansion boundaxy,. A

lower expansion threshold means that the manager expands with investments that have more
marginal profitability, ROE Lower profitability means greater growth leverage risk, and
therefore, in the leftmost semt of Figure 5 expected returny ROE) , increases with earnings

volatility, s .

On the other hand, whemarket/bookis greater than ongz 2 1, the fall in the value maximizing

expansiorboundary,x* , with volatility, s , is generally less pronounced than when

market/bookis less than ongy <1. In this case, the Galai and Masulis (1976) effect tends to
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dominate, and therefore, for markelagreater than oneg 2 1, the rightmost section éfigure

5, earnings volatility,s , generally decreases expected returROE) . Notice, however, that

these two forces appear to béhex balanced, and therefore, earnings volatikty,has only a

modest impact on expected retum(ROE) , for market/book greater then one2 1. Because

our empirical testing focusem firms with economic market/book greater than one, we expect

that earnings volatility will have at best a modest impact on equity returns.

In Table2, only value firms b=5, have markébook less than onés we discuss isection 3.5,

the evidence iTable 3, is consistent wiflorward accountindROE calculatedvitha nal yst s 6
forecastEPS understateeconomicROEfor valuefirms and overstateeconomicROEfor

growthfirms. Forward accountin@OEunderstates economiROEIf accountingoook equity
ovestateghe equity capital required for growth. If accounting book equirstates economic

book equitymarket to economic book equity is likely greater than one, eveBoiok/Market

quintile b=5, value firms in Table 2.able 2 also reports that, aegless of markétook all

firms have positive implicit growth ratesndtherefore are growthoriented.

Recent literature documenanegative relation between past idiosyncratic return volatility and

future returs (Ang et. a 2006 2009). Barinov (D07) argues thdtigh idiosyncratic volatility

decreases the beta of growth optiomkichdecreases expected retutudies show thatsam

earnings volatility measurea,n al y st s 6 f ohasamegasive reldtiorswitrefutusei o n

returns. HananManry (2000) find that analystsd forec:;
future ROEand future returnsThey argue that firms anticipatiggpod prospects are more

willing to disclose information to analystehichreduce forecast dispersionDiether et. al

(2002) reporthatstocks with higher dispersion earn lower future-askusted returns than

stocks with | ower dispersion. They -saslegue that
constraintshigh dispersion drives up the stock pricekich reduces expected returdohnson

(2004) suggests that analystsd forecashe di spe
future cash flows of levered firmiliosyncratic risk increases the option value of equity, which
decreases expecteduet Sadma and Scherbina (2007) regard the high forecast dispersion
associated lower stock returns as mispricing. They find that dispersion is negatively correlated

with market liquidity. However, Avramost. al(2009) show that dispersion effects are not

significantly different for levered and unleveri@uns and liquidity measures do not capture the

dispersion effectTheysuggest that the dispersion anomaly is more pronounced for financially
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distressed firmsWe investigate the impact elatility on expected return beyond marheiok
andSGER

Table D reportsthe relation between returns and several measures of volatility, including,

anal yst so6 ear ni ndgily rettirovolatittyg @&t eawchings grewth syalablity.

Anal yst sftoremaacastngadi spersi on i s HPBferecasts,sandar d de
s (EPS), for the fiscal period scaled by book value of eqpiy sharédBPS. Denote byDISP1

the anal ystso ear ni ngsunréporte éiscahyedhended sper si on f o
DISPL! s (EPS)/ BP. Denotedaily stock return volatility as(R) . Daily stock return

volatility, s(R), is the standard deviation of daily returfios sixty days prior to th&B/E/S
StatisticalPerioddate Denoteearnings growth volatility as(E) . Earnings volatility s (E) , is

the standard deviation &OEchanges for the latest 5 fiscal yeacsled by the most recently

reported book alue of equity BVE),

s (DE)

s(B)= BVE

For each Statistical Period date, we sort firms Biok/Markettriplets (Low, Med, and High)
Then for eachBook/Markettriplet we sort firms int®GER Itriplets (Low, Med, and High)
Finally, we sorthe firms within each of the nifgook/Marketand SGER1sorts intothree
volatility portfolios (Low, Med, and High) This triple sorting leads to twer$gven portfolios
that we rebalance at each Statistical Period date over the 379 month test Ppecadsehe first
two sorts are commoiBpok/MarketandSGERJ, butwe usethreedifferent volatility measures,
DISPL, s(R), ands (E), as thethird sorting key, we investigatg8® 27 =81portfolios over the

379 month test period.

We measurannualized meaportfolio returnswithin the statistical period = 1 , 2 (frlém &
Statistical Period date, where we form a portfolio, to the following Statistical Period date, which
is approximately a month later), average dirensi= 1 , 2 , a@d téét, periotk 1 , B79&ar
volatility portfoliosv=1, 2, é, 27,

12

e 379e ] N, &g g 2%
v =€l 379aeﬁ 9?0(1 fiew) gl-ulu 1
@ =1 @'Y i 2 t=1 u UQEI
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wheret =1, 2 ,i=1 T2 ,t21 NB79512, €, 2 7.

Table D reportstheaverage monthlportfolio returns 081 Book/Market SGER.,, and volatility

sorted portfoliosConsistent wititHan and Manry (2000andDiether et. al (2002within most

Book/Marketi SGERIs or t s t he r el a tfareoastdigpersioDgSPHana nal yst s 6
portfolio returns is negative. However, thestatistics for the differences between mean returns

among volatility portfolios (within eacBook/Marketi SGER1sort) are all insignificant, which

suggests a weak relation. rRbe othewolatility measuress (R), ands (E) , within most

Book/Marketi SGER1sorts the relation between volatility and portfolio return tends to be

positive, but also statistically insignificant

Consistat with our dynamic modeind our analysis from section 2¥able D revealsat best
only a weakrelation betweerarnings volatilityandequity returns.The evidence is so weakd
inconsistent between volatility measutkat we conclude th&GERon its own is a useful

measure for common share investing.
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Figure 5 Expected Return and Volatility
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Notes:Figure 5 plots the expected retuniROE=0 105 )and value maximization expansion boundary, with
respect to glatility, s , with a realearnings growthg=0.06, and a risk adjugrowethd r at e f or

suspensiod  f *+0rh2.
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6. Summary, Conclusion, Future Research

We develop an expected return measure from a dynamic eqglugtisa model. We entitle the
portion of this measure that is easy to calculate with readily available financial market measures
and does not require statistical estimation as static growth expected 8ER.(We use

anal yst so6 e ar nSGERnputtd rank Brmsafa podfoliaisclusion. We find that
portfolios of oWSGERf i r ms have negative excess returns 1
conditional asset pricing model. The estimated alpha difference between high £/@HdRv
portfolios is as great as 0.88% per month. Without generating abnormal returns for inwestors,
find that analysts make favorable stock recommendations and most optimistically forecast
earnings for higlsGERfirms. Consistent with the dynamic model, holding Book/Market

constant, returns increase with profitability to a greater extent for vafapared to growth

firms. We find little statistical or economic significance for earnings volatility besaERfor
returns. This observation is consistent VBIBERas a large portion of expected return from the
dynamic model. We conclude tH&GERonits own is a useful return measure for common share

investing.

We began this paper by arguing that investors
simple expected return proxies. Estimated factor coefficients like in Tables 6, 7, 8 help this

calculus, but are incomplete because they do not include factor expected returns in the

expectation of the right hand side of Equation (5). This absence means that the impact of factor
coefficients on expected return is unclear and makes the applich8arpaical asset pricing

models difficult. A high factor coefficient does not mean high risk if factor returns are low or

other factor coefficients are modest. The relation bet&&BRas a complete expected return

measure and estimated factor coedints fills this gap and allows a comprehensive risk/return

study. We hope th&GERand its descendants assist investors in their risk/return calculus.

Like any good empirical analysis, our study suggests avenues for future research. First, we
report evdence that, while analysts optimistically foredaBtSin general SGERbased on these
forecasts ovestates realized returns for growth stocks and usties realized returns for value

stocks. A likely source of this bias is forward accounR@E If forward accountinfROE
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overstates economiROEfor growth firms, but understates economRI©Efor value firms, then

adjustments might improve the correspondence bet®&&dtRand realized returns.

Second, we report evidence that analysts most optintigtioeecastEP Sfor high expected

return firms. We conjecture that these forecasts areseeling and for the purpose of

persuading investors into stocks with the greatest potential for reputation enhancement of

analysts. Why the possibility of unexgpedly low returns on high risk stocks does not dissuade
analysts is a puzzle that requires investigation. This puzzle is possibly related to evidence from

the mutual fund industry (Ippolito 1992) that the performditm® relation is convex. Investors

reward good fund performance with inflows disproportionately greater than they penalize poor
fund performance with outfl ows. I n our setti

exceed their reputation loss from losers.

Third, an attraction of ourxpected return proxy is that it requires no estimation. Since-mean
variance efficient portfolio weights are sensitive to estimation risk (see, for example, Chopra and
Ziemba, 1993) our expected return proxy may be useful for optimal portfolio design. We
investigate this issue in future research, which requires better corporate profitability forecasts
than the crude ones we use in the current paper. However, results in the current paper will guide

our search.

Fourth, the current paper investigates divid paying stocks with positive forecast earnings.

We are currently working on dynamic models of equity valuation for firms not currently paying
dividends and who instead use earnings to finance growth. This presumption is consistent with
the empirical bservation in this paper that holding the Book/Market ratio constant profitability
increases growth. Growth is not limited, as both the constant growth discounted dividend model
of Williams (1938) and Bl azenko amodelpkRsund, ov 0 s
but rather growth opportunities increase with profitability.
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Table 1: Descriptive Statistics

Portfolio Ranking Measure |Portfolio Ranking Measut Portfolio Ranking Measure
SGER1 SGER2 SGER3 | SGER1 SGER2 SGER3 SGER1 SGER?2 SGER3
Median Market Cap (millions) o ) ) o
BookMarketQuintile SGERQuintile MVE?, MVEZ, MVE?, Most Common 4Digit SIC|Percent of Firms with Most Commonrigit SIC
LowestSGERk=1 1091.8 13611 4364.4 | 2000 | 2000 | 2000 29.0 311 30.5
LowestBook/Market k=2 17135 18205 5522.2 | 2000 | 2000 | 2000 32.8 33.2 325
b=1 k=3l 1517.2 1664.1 6774.7 | 2000 | 2000 | 2000 30.0 29.3 31.1
Growth Stocks k=4 1112.4 1248.0 6419.7 | 2000 | 2000 | 2000 28.3 28.2 34.1
HighestSGERk=5 1097.3 1278.3 5908.5 | 3000 | 3000 | 2000 26.8 26.3 35.5
LowestSGERk=1 782.9 989.5 3074.0 | 2000 | 2000 | 2000 24.1 27.3 28.5
k=2 825.6 916.2 3000.5 | 2000 | 2000 | 2000 27.8 27.2 27.0
b=2 k=3 689.5 855.7 3053.3 | 3000 | 3000 | 6000 25.6 26.2 26.5
k=4 677.3 779.9 2984.2 | 6000 | 6000 | 3000 29.0 29.6 27.6
HighestSGERk=5 483.4 574.4 2417.5 | 3000 | 3000 | 3000 30.3 31.6 31.3
LowestSGER k=1 540.2 655.7 2128.1 | 3000 | 4000 | 4000 22.6 25.3 33.3
k=2 486.2 565.2 2277.4 | 6000 | 6000 | 2000 25.8 28.9 26.2
b=3 k=3 414.4 489.3 2329.5 | 6000 | 6000 | 6000 34.9 36.8 35.6
k=4 4255 519.3 2237.9 | 6000 | 6000 | 6000 45.2 45.8 44.7
HighestSGERk=5 431.8  492.1 2231.1 | 6000 | 6000 | 6000 44.4 41.0 337
LowestSGERk=1 377.0 536.5 1528.1 | 4000 | 4000 | 4000 21.3 32.6 48.2
k=2 485.6 601.2 1986.7 | 4000 | 4000 | 4000 37.6 39.8 55.8
b=4 k=3 361.1 431.2 1752.1 | 6000 | 6000 | 4000 32.2 34.6 29.9
k=4 330.3 401.3 1979.9 | 6000 | 6000 | 6000 46.9 46.4 39.4
HighestSGERk=5 355.8  429.8  1991.0 | 6000 | 6000 | 6000 54.5 52.4 46.1
LowestSGERk=1] 190.7 248.8 1051.6 | 2000 | 6000 | 4000 24.1 23.2 34.7
HighestBook/Market k=2 242.4 449.4 2020.4 | 4000 | 4000 | 4000 25.6 39.6 65.3
b=5 k=3 372.8 515.4 2159.6 | 4000 | 4000 | 4000 40.5 42.7 60.1
Value Stocks k=4 343.9 380.3 1547.1 | 4000 | 6000 | 4000 35.4 33.7 38.6
HighestSGERk=5 254.3 320.4 1318.6 | 6000 | 6000 | 6000 53.5 54.9 44.4

Notes: MVE/,, , is market value of equity for fim+ 1, 2, é, N,t= 1 ,n2 ,méo,nTt A, b¥12 8,4 5k0olr28450wherethe 25 portfolios are formed by
sorting all firms at a statistical period dateByok/Marketinto 5 quintiles and then for each quintile into 5 portfolioSSIBER (j=1), SGER (j=2), andSGER
(j=3), respectively. TP is 379 months (1/15/198®/16/2007) foiISGER andSGER and 276 months (9/20/1984 to 8/18/2007)3GER. Table 1
reportsmedian(MVE ,  , F 1,2,...,N, t=1,2,...,T. The numbering 1,2, and 3 represents sortin§®%R, SGER, andSGER. Our threeROEforecasts are
EPS1/BPSEPS2/BPSandEPS3/BP$Swhere the earnings forecasts ara &tatistical Period date aBVEis from the most recently reported quarterly/annual
financial statements prior to the Statistical Period dBfeSis BVE divided by the nhumber of shares on each Statisticabédate. SGER, SGER, andSGER
represenEquation(3) calculated witrROE1 ROE2 andROE3 EPS1 EPS2 andEPS3 are /B/E/S consensus analysE Sforecastdor thefirst unreported fiscal
year,secondunreported fiscal yeaand thirdunreported fisal yearat a Statistical Period date
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Table 2: Portfolio Characteristics

MedianMarket/Book, Dividend Yield, ForwarBOE Implicit Growth

Market/Book CurrentDividend Yield Forward ROE Implicit Growth
Book/MarketQuintile| SGERQuintile | MBI M/B2 M/B3 | dyl  dy2  dy3 | ROB.x ROEk ROEk | Gk Oox O
LowestSGERk=1 3.263 3.224 3.521 | 0.024 0.024 0.022 | 0.156 0.186 0.210 | 0.078 0.082 0.084
LowestBook/Market k=2 3.284 3.304 3.678 | 0.018 0.017 0.015 | 0.185 0.215 0.247 0.120 0.122 0.124
b=1 k=3 3.511 3.586 4.185 | 0.015 0.015 0.013 | 0.206 0.241 0.286 | 0.147 0.148 0.150
Growth Stocks k=4 3.894 3971 4.901 | 0.014 0.013 0.012 | 0.240 0.283 0.349 | 0.177 0.177 0.180
HighestSGERk=5 5172 5460 7.592 | 0.012 0.012 0.012 | 0.338 0.402 0.545 | 0.253 0.250 0.261
LowestSGERk=1 2.088 2.113 2.364 | 0.027 0.028 0.029 | 0.109 0.133 0.140 | 0.051 0.053 0.044
k=2 2,100 2.131 2.383 | 0.024 0.024 0.021 | 0.140 0.161 0.171 0.087 0.087 0.081
b=2 k=3 2.135 2.170 2.423| 0.022 0.022 0.019 | 0.156 0.178 0.193 | 0.105 0.105 0.101
k=4 2.165 2.206 2.462 | 0.021 0.020 0.017 | 0.173 0.197 0.216 | 0.124 0.123 0.117
HighestSGERk=5 2.217 2.265 2.491 | 0.018 0.017 0.014 | 0.208 0.235 0.259 | 0.160 0.157 0.145
LowestSGERk=1 1544 1.562 1748 | 0.033 0.035 0.038 | 0.086 0.105 0.109 | 0.035 0.036 0.028
k=2 1.547 1575 1.762 | 0.029 0.029 0.025 | 0.115 0.132 0.137 0.068 0.068 0.059
b=3 k=3 1.560 1.589 1.784 | 0.028 0.027 0.023 | 0.131 0.148 0.159 | 0.085 0.084 0.081
k=4 1572 1.602 1.791| 0.028 0.026 0.021 | 0.147 0.164 0.179 | 0.101 0.101 0.097
HighestSGERk=5( 1582 1.615 1.808| 0.025 0.022 0.016 | 0.175 0.194 0.216 0.131 0.127 0.120
LowestSGERk=1 1.170 1.186 1.328 | 0.035 0.040 0.048 | 0.068 0.084 0.088 | 0.024 0.022 0.018
k=2 1.170 1.189 1.331| 0.040 0.039 0.039 | 0.092 0.103 0.106 | 0.046 0.044 0.034
b=4 k=3 1.179 1.205 1.355| 0.034 0.032 0.029 | 0.105 0.119 0.124 | 0.065 0.064 0.057
k=4 1197 1.221 1.365| 0.032 0.029 0.025 | 0.123 0.137 0.146 | 0.083 0.082 0.077
HighestSGERk=5 1.211 1.237 1.371| 0.029 0.027 0.020 | 0.151 0.166 0.183 | 0.111 0.108 0.103
LowestSGERk=1 0.698 0.689 0.788 | 0.029 0.029 0.031 | 0.037 0.051 0.055 | 0.015 0.018 0.015
HighestBook/Market k=2 0.780 0.827 0.918 | 0.037 0.043 0.047 | 0.064 0.075 0.077 0.035 0.028 0.021
b=5 k=3 0.835 0.845 0.928 | 0.049 0.048 0.045 | 0.078 0.086 0.088 | 0.039 0.035 0.027
Value Stocks k=4 0.833 0.847 0.940 | 0.050 0.041 0.036 | 0.091 0.101 0.105 | 0.053 0.052 0.039
HighestSGERk=5 0.839 0.877 0.999 | 0.042 0.037 0.025 | 0.117 0.128 0.140 | 0.082 0.078 0.069

Notes:M / B ), d¥ (. ﬁEﬂ)yk, and Qtj)'k are Market/Book, current dividend yield, forwaR@OE and implicit growth (Equatio(C3)), for frmi= 1, 2, é, N,

=1, 2, ¢é, TP,

months (9/20/1984 to 8/18/2007) BGERS. Table 2 reportsnedian(M / By, , F 1,2,...,N, t=1,2,...,T, median(dy, , , ¥ 1,2,...,N, t=1,2,....T,

ROEtj)'k = median(RQE,x ., F 1,2,..,N, t=1,2,...,,, and étj,’k =median(gpk ,i=12,..,N, t=1,2,..,T. The numbering 1,2, and 3 represents sortin§®IR1 (j=1), SGER
(j=2), andSGER3 (j=3). Our threeROEforecasts ar&PS1/BPSEPS2/BPSandEPS3/BPSwhere the earnings forecasts ara Statistical Period date alRVEis from the

i n

b#$12 3,4,5(k01r2 B,4,5whereothe 2portfolios are formed by sorting all firms at a statistical period datgdmk/Marketinto 5 quintiles and then
for each quintile into 5 portfolios BYGER. (j=1), SGER (j=2), andSGER3 (j=3), respectively. TP is 379 months (1/15/1938/16/2007) foilSGER andSGER and 276

most recently reported quarterly/annual financial statements prioe ttatistical Period dat&PSis BVEdivided by the number of shares on each Statistical Period date.
SGER, SGER, andSGER represenEquation(3) calculated witrROE1, ROE2 andROE3 EPS1 EPS2 andEPS3 are /IB/E/S consensus analysEP Sforecass for thefirst
unreported fiscal yeasecondunreported fiscal yeaand thirdunreported fiscal yeat a Statistical Period date

44



Table 3: Realized Portfolio Returns, Expected Portfolio Returns, and Realized Minus Expected Portfolio Returns

AveragePortfolio Returns Expected Portfolio Returns, Realized less Expected Returns,
Book/MarketQuintild SGERQuintile Rbk Rbx Rbk SGERx  SOERK  SGEMk | Rok- SGERK Rok- SGERK Rok- SGERK
LowestSGERk=1  0.100 0.092 0.119 0.083 0.114 0.142 0.017 -0.022 -0.023
LowestBook/Market k=2 0.115 0.117 0.137 0.142 0.171 0.200 -0.026 -0.054 -0.063
b=1 k=3  0.151 0.146 0.141 0.166 0.198 0.236 -0.014 -0.053 -0.095
Growth Stocks k=4  0.156 0.163 0.153 0.196 0.235 0.288 -0.040 -0.072 -0.134
HighestSGERk=5  0.173 0.169 0.137 0.321 0.384 0.509 -0.147 -0.215 -0.373
LowestSGERk=1  0.104 0.094 0.106 0.072 0.095 0.099 0.032 0.000 0.007
k=2 0.114 0.114 0.167 0.114 0.135 0.144 0.001 -0.021 0.024
b=2 k=3  0.148 0.145 0.157 0.131 0.153 0.167 0.016 -0.008 -0.010
k=4  0.168 0.171 0.117 0.150 0.173 0.192 0.018 -0.002 -0.075
HighestSGERk=5  0.197 0.194 0.157 0.194 0.222 0.251 0.002 -0.029 -0.094
LowestSGERk=1  0.114 0.108 0.134 0.066 0.085 0.084 0.048 0.024 0.050
k=2 0.129 0.139 0.100 0.100 0.117 0.120 0.029 0.022 -0.021
b=3 k=3  0.167 0.170 0.163 0.117 0.134 0.143 0.050 0.036 0.021
k=4  0.203 0.202 0.202 0.134 0.152 0.166 0.070 0.050 0.035
HighestSGERk=5  0.237 0.231 0.160 0.171 0.190 0.219 0.066 0.041 -0.059
LowestSGERk=1  0.105 0.115 0.114 0.060 0.077 0.073 0.045 0.037 0.041
k=2 0.146 0.139 0.147 0.089 0.102 0.099 0.057 0.038 0.048
b=4 k=3  0.165 0.174 0.180 0.104 0.117 0.117 0.061 0.057 0.063
k=4  0.219 0.220 0.179 0.120 0.135 0.140 0.099 0.085 0.039
HighestSGERk=5  0.267 0.245 0.173 0.155 0.170 0.191 0.112 0.074 -0.018
LowestSGERk=1  0.134 0.132 0.118 0.047 0.062 0.062 0.088 0.069 0.056
HighestBook/Market k=2 0.186 0.178 0.143 0.076 0.088 0.086 0.110 0.091 0.057
b=5 k=3  0.195 0.194 0.158 0.090 0.100 0.098 0.104 0.094 0.060
Value Stocks k=4  0.241 0.234 0.159 0.104 0.115 0.114 0.137 0.120 0.045
HighestSGERk=5  0.258 0.253 0.224 0.137 0.147 0.155 0.121 0.106 0.069
Average over 25 portfolios 0.042 0.019 -0.014

Notes:We measure portfolio returns from a Statistical Period date, where we form a portfolio, to the following StatisticalaerMdrdhly return between Statistical Period
12

I exk . 2] . . . . = &R ST . .
dates, is,R! ;. :éé(l #,p) 0k wherer, ,  are CRSRiaily returns. Annualizedmeanportfolio return is Ro.k =go(1 +R1bk) g %, whereT Fis the number of months in
é ¥ Y - u

er=1 u et=1
—_ TP 3 N )
the test period. Annual portfolio expected return SGER. =T—1Pa Se% &8 SGER,, ,whereSGER ,, is SGERfor firmi=12 , € ,mbntht= 1 , 2T Fén portfoliob=1,2,3,4,5,
t=1C Nz

k=1,23,4,5 Table 3 reports returns, expected returns, and their differtﬁ}{ge, SGEFé,k , for 25Book/Marketand SGERportfolios formed with the expected retu6ER
(1=1), SGER (j=2), andSGER3(j=3), respectively.See notes tdable 1 for thesGER, SGER, andSGERcalculations.
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Table 4

Panel A: Earnings Surprises

SGER SGER SGER
Median Median Median
EPSSurpris§ Earning | EPSSurprisg Earning | EPSSuprise Earning
Book/Market (Actual EPS| Surprises: # (Actual EPS | Surprises: # (Actual EPS| Surprises: #
Quintile Forecast EP§Observation{ Forecast EPS Observation{Forecast EPJObservation
/TTM EPS /TTM EPS ITTM EPS
SGERQuintile o T Th
LowestSGERk=1  0.000 12451 -0.036 11466 -0.076 4179
LowestBook/Markef k=2 0.000 12837 -0.043 11907 -0.105 4453
b=1 k=3  0.000 12765 -0.032 11874 -0.118 4439
Growth Stocks k=4  0.003 12662 -0.049 11786 -0.130 4423
HighestSGERk=5  0.002 12322 -0.075 11182 -0.160 4149
LowestSGERk=1  -0.007 12267 -0.063 10988 -0.071 2971
k=2 0.000 12495 -0.039 11141 -0.085 3230
b=2 k=3  0.000 12606 -0.045 11288 -0.128 3207
k=4  -0.004 12616 -0.070 11225 -0.210 3183
HighestSGERk=5  -0.003 12393 -0.133 11030 -0.424 3116
LowestSGERk=1  -0.013 12158 -0.064 10583 -0.046 2459
k=2 -0.001 12518 -0.066 10771 -0.125 2616
b=3 k=3  -0.003 12441 -0.073 10636 -0.169 2591
k=4  0.000 12369 -0.049 10697 -0.192 2541
HighestSGERk=5  -0.004 12325 -0.108 10556 -0.488 2532
LowestSGERk=1  -0.022 12022 -0.049 10128 -0.017 2376
k=2 -0.004 12379 -0.055 10501 -0.076 2525
b=4 k=3  -0.009 12467 -0.068 10390 -0.143 2499
k=4 -0.005 12224 -0.074 10378 -0.146 2484
HighestSGERk=5  -0.003 12093 -0.094 10119 -0.452 2407
LowestSGERk=1  -0.029 11994 -0.088 9946 -0.041 2436
HighestBook/Marke| k=2 -0.017 12292 -0.066 10222 -0.060 2702
b=5 k=3  -0.013 12346 -0.055 10226 -0.078 2646
Value Stocks k=4  -0.015 12304 -0.123 10086 -0.162 2646
HighestSGERk=5  -0.034 11985 -0.185 9717 -0.460 2410
Total 309331 268843 75220
Panel B: Observations
Original sample 421752 375452 103077
Missing IBESreport date and/or actuaPS 105454 93984 21493
Incorrect Report dates (see notes) 383 372 82
Missing CRSPshare factors 6584 12253 6282
Total 309331 268843 75220

Notes I/B/E/Sbegins reporting actu&PSin 1980 which is after the beginning of the test period for our study. Further, forecasts near
the end of our 2007 test period have not yet reported dviitigSdatabase. For the ZH5ER andSGER2 portfolio sets, we measure
earnings surprise for 324 Statistical Period months. For tI8GEF3 portfolios we measure earnings surprise for 257 Statistical Period
months. Occasionally/B/E/Shas an actudtPS but no report date. In addition, wbminate observations with report dates earlier
than or more than 365 days after the fiscal year end fd&®®forecast. The accounting for our original sample, versus, the sample we

use for earnings surprises is given in panel B. Equédipmeasuesearnings surprised/’ ., for firmi=1, 2, é , N, i
b=1,2,3,4,5k=1,2,3,4,50r Statistical Period, = 1 , 2., T@ble® Reports median earnings surprise,

Ei’é,k:median(mediarﬁ{mk , =1, 2, .
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Tabl e 5 Analystsd Recommendati ons

SGER1 SGER2 SGER3

Mean Mean Mean

Recommendatior| F Stat | Recommendatiof F Stat | Recommendationy F Stat

Book/Market L (p-value) 2 (p-value) 3 (p-value)

Quintile SGERQuintile Recomk Recomk Recomk

LowestSGERk=1 2.332 42.923 2.356 57.227 2.353 36.767

Lowest Book/Marke k=2 2.233 (0.000) 2.236 (0.000) 2.210 (0.000)
b=1 k=3 2.143 2.135 2.150
Growth Stocks k=4 2.102 2.093 2.116
HighestSGERk=5 2.128 2.114 2.169

LowestSGERk=1 2.372 77.492 2.408 118.068 2.402 67.060

k=2 2.356 (0.000) 2.374 (0.000) 2.329 (0.000)
b=2 k=3 2.306 2.278 2.262
k=4 2.201 2.196 2.209
HighestSGERk=5 2.124 2.086 2.124

LowestSGERk=1 2.403 66.049 2.437 104.075 2.407 43.340

k=2 2.401 (0.000) 2.425 (0.000) 2.370 (0.000)
b=3 k=3 2.361 2.347 2.307
k=4 2.273 2.252 2.243
HighestSGERk=5 2.140 2.090 2.143

LowestSGERk=1 2.478 132.596 2.527 164.940 2.483 51.627

k=2 2.487 (0.000) 2.469 (0.000) 2.417 (0.000)
b=4 k=3 2.348 2.346 2.332
k=4 2.253 2.252 2.247
HighestSGERk=5 2.156 2.117 2.178

LowestSGERk=1 2.515 46.679 2.530 111.512 2.548 31.633

Higheg Book/Marke| k=2 2.483 (0.000) 2.568 (0.000) 2.585 (0.000)
b=5 k=3 2.506 2.532 2.532
Value Stocks k=4 2.449 2.398 2.489
HighestSGERk=5 2.308 2.253 2.331

Notes Recommendation Scales are: 1=Strong Buy, 2=Buy, 3=Hold, 4=Underperform, and &eSeth,, i s t he anal yst

recommendation for firm= 1, 2, €, N,t=1 ,n2 ,méo,n3 19 , b=%,203/4,5=12,3%,5, alielie the 25 ptolios are formed by
sorting all firms at a statistical period dateBxyok/Marketinto 5 quintiles and then for each quintile into 5 portfoliosSBER Table 5

reports mean recommendati®ecoryx =%2§9§i :51 Recafy ﬁfor each of the 25 GER portfolios formed with the expected returns
ez eN iz U

SGER (j=1), SGER (j=2), andSGER(j=3), respectively.The FStatstic tests for differences between mean recommendations among
SGERIportfolios within eactBook/Marketquintile, p-value underlie F-Stat.
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Table 6 Abnormal Returns, SGERL Ranking

Rj,k,t_ Rf,t ab,k %,kSMB IS"k H|V||[_ rﬁl MOM bm(" ||\37ft a' §k’t
Sk= Dok tSpxDYs Bk R
ho,k = h),b,k -lh,b,kDYtl -B ,b,ka t
My = Mpx MDY, My R
By = Box +18DY. + HOR:,
b=1,2,3,4,5 k=1,2,3,45,t=1, 2 ,T&,
Bogﬁ/imi?;ket St(jl’llztll:lle a Sopk ook Mopx  Popx S1bk hipk My bk D1k Sk Mok Mapx  Bopk Adjlgited Ha Jn e
[;%V"Eeét -0.0032 -0.01 0.60 -0.09 0.27 |34.16 -117.74 41.15 153.90 15.60 -40.45 10.84 39.00| 0.86
k=1 -3.09 -0.14 646 -1.85 291 | 124 -3.65 213 516 092 -247 107 222
Lowest k=2 | -0.0021 -0.15 0.45 -0.04 0.46 |73.41 -154.75 14.02 13520 2.03 5.06 13.05 17.80| 0.85
Book/Market 201 -175 479 -0.70 498 | 263 -474 072 448| 012 031 128 1.00
b=1 k=3 | -0.0006 -0.04 0.42 0.03 0.60 [33.91 -189.92 2353 165.47 17.42 4245 -6.42 -27.93| 0.85 12.93
050 -0.39 420 05 6.13 | 1.15 -550 114 519 | 096 242 -059 -1.49 0.01160
Growth k=4 | 0.0006 0.00 032 -0.07 0.66 |38.88 -175.79 78.40 176.57 15.88 29.46 -12.45 -17.89| 0.88
059 0.00 345 -133 711|139 -538 402 585| 092 178 -1.22 -1.01
Highest| 0.0011 -0.09 0.3 0.02 058 [141.82 -234.64 58.38 228.86 6.00 16.42 -20.97 -2.48| 0.85
SE:%H 083 -079 445 031 499|401 -567 236 599| 028 078 -162 -0.11
;%"‘I’Ee;t -0.0048 0.09 0.88 -0.04 -0.06|30.31 -159.94 -24.16 169.7§ 38.11 -18.65 14.94 40.71| 0.83
k=1 -409 091 852 -079 -055| 098 -444 -1.12 510 2.01 -1.02 1.33 2.08
k=2 | -0.0044 0.13 071 -0.02 0.09 |13.40 -109.62 46.38 114.7¢ 14.80 -5.17 -19.21 37.57| 0.86
-439 160 801 -040 105|051 -354 251 401| 091 -0.33 -1.98 2.23
b=2 k=3 | -0.0016 0.10 072 -0.06 0.12 |[24.39 -149.64 64.61 12523 28.65 9.17 -24.71 30.58| 0.82 14.78
-1.34 1.02 6.85 -1.03 112|078 -408 295 369| 148 049 -2.15 153 0.00518
k=4 | -0.0013 0.21 075 -0.05 0.19 |32.64 -170.78 65.38 143.82| 15.77 26.56 -31.90 16.17| 0.84
-1.07 203 6.87 -0.88 1.76 | 1.00 -4.47 287 407 | 078 137 -2.67 0.78
g‘ggﬁt 00006 036 1.00 -007 012 |62.11 -192.75 84.49 17583 13.10 -18.26 -45.89 41.96| 0.87
k=5 046 329 874 -1.04 107|182 -482 354 476| 062 -090 -3.66 1.93
(Continued)
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Table6 - Continued
-0.0042 0.10 0.90 0.05 -0.20| 35.19 -153.07 -26.18 149.48|36.14 -12.87 -1.95 55.09| 0.80

S(I.ggvlglelil -3.48 0.99 841 094 -185| 1.11 -411  -1.18 434 | 1.84 -068 -0.17 272
k=2 -0.0048 0.37 0.89 -0.03 -0.22 | -29.71 -90.66 27.67 117.56(21.84 -5.10 -12.73 40.46 | 0.84
-4.63 426 9.65 -0.53 -241| -1.08 -2.83 1.44 397 | 1.29 -0.31 -1.27 232
b=3 k=3 -0.0014 0.39 081 0.00 -0.08| 7.30 -131.48 40.29 128.81| 7.04 16.60 -32.84 20.38| 0.85 23.55
-1.46 470 9.18 -0.01 -0.88| 0.28 -4.29 2.20 455 | 044 107 -342 122 0.00010
k=4 0.0004 0.34 0.76 0.02 0.04 6.41 -121.07 40.21 129.24|23.45 28.42 -39.33 7.27 0.84

0.34 346 745 031 043 0.21 -3.38 1.88 391 | 125 157 -351 0.37
Highest 0.0022 044 090 0.12 o0.01 428 -105.99 76.29 123.17| 6.75 -5.82 -70.36 37.70| 0.82
SGER k=5 1.63 3.90 7.52 1.76 0.10 0.12 -2.53 3.05 3.19 | 0.31 -0.27 -537 1.66

Lowest | 00057 021 096 -0.06 -0.21| 3867 -66.09 -27.21 94.81 |36.81 -38.02 1.89 54.74| 0.83
SGER k=1 | 521 231 9.85 -118 -217| 134 -1.95 -134 303 206 -221 018 297

k=2 -0.0032 0.22 085 0.05 -0.20| 9.09 -57.87 -12.75 87.98 | 18.47 -13.62 -10.78 36.19| 0.83
-3.39 281 1009 114 -243 | 0.36 -1.96 -0.72 323 | 119 -091 -1.17 226
b=4 k=3 -0.0022 0.39 081 -0.02 -0.09 | -35.42 -102.76 52.11 102.52|19.59 19.86 -26.46 9.28 0.82 24.93
-2.13 448 870 -0.48 -1.03| -1.28 -3.18 2.70 343 | 1.15 121 -2.62 0.53 0.00005
k=4 0.0013 0.47 0.85 -0.03 -0.08 [ -29.65 -136.23 57.87 128.78|19.58 36.73 -43.67 -3.15 0.83

1.21 505 868 -055 -0.86| -1.01 -3.98 2.83 408 | 1.09 212 -4.08 -0.17
Highest 0.0031 0.49 1.03 0.05 0.05 | -42.05 -116.56 86.73 68.07 [ 32.98 20.55 -79.05 16.3 0.81
SGER k=5 2.13 401 793 0.67 0.38 | -1.09 -2.59 3.22 164 | 1.39 090 -5.60 0.67

Lowest |-00053 061 117 -019 -0.35| 2212 -8212 3.24 83.66 |29.54 -23.99 -11.46 49.46 | 0.85
SGER k=1 | -4.47 6.7 1117 -324 -335| 071 -225 015 248 | 1.54 -130 -1.00 2.49

Highest k=2 -0.0013 0.42 1.10 -0.07r -0.35| 7.18 -18.87 -6.70 59.65 | 24.93 -41.80 -20.29 51.68| 0.85
Book/Market -1.30 483 1196 -1.35 -3.84| 0.26 -059 -0.35 202 | 148 -258 -2.03 297
b=5 k=3 -0.0003 0.40 1.02 -0.09 -0.36 | -29.32 -33.76 -15.51 81.46 |29.49 -18.54 -10.48 30.88| 0.80 16.05
-0.30 423 1033 -1.72 -3.72| -0.99 -098 -0.75 256 | 162 -1.06 -097 1.65 0.00295
Value k=4 0.0028 046 092 -0.04 -0.10] -74.95 -82.62 12.07 68.35]38.91 2397 -33.39 -534 0.76

2.17 424 808 -0.70 -0.86| -2.20 -2.07 0.51 186 | 185 119 -2.68 -0.25

Highest 0.0018 0.70 1.06 -0.06 -0.02 | -77.90 -68.22 2459 56.32|27.64 13.57 -3494 -4.19 0.73
SGER k=5 1.06 480 694 -0.74 -0.15]| -1.71 -1.28 0.77 114 [ 0.98 050 -2.09 -0.14
Notes R xdenotes the return on portfoliz-1,2,3,4,5k=1,2,3,4,5n montht = 1 , T2F, R4, the riskless rate, is the yield on a US GovernriembnthTreasury bil] Ry, the
return on the market portfolio, is the return on @RSPvalue weighted ineix of common stocks in monthSMB andHML, are the smalminusbig and highminuslow Fama
French factorsmowm, is the momentum factor in monthandDY,, is the CRSP valueveighted index dividend yield lagged one periddtatistics underlie coeffient estimates
andpval ues underlie Hansené6s J statistic.

49




Table 7 Abnormal Returns, SGER2 Ranking

Rn,k,t' Rf,t <k %,kSMB b-k H|\/||[_ rB"R MOM tﬁw@' ||\37ft R)' Fin
Sk= Dok oY1 B Ry
Ry =hpx MpDYer B Ry,
My =Mpx MDY W R,
Box = Box +18DY 4R,
b=1,2,3,4,5 k=1,2,3,4,5,t=1, 2 ,T&,
Book/ Market|  SGER a Sopk  Nopk Mopk Bopk | Sipk hipk Mipk  Dipk | Seok Mepk  Mapx  Dapk Adjggted Hanse
Quintile Quintile
Lowest -0.0036 -0.06 0.50 -0.08 0.33| 43.44 -108.45 23.10 137.44| 6.87 -23.34 1254 28.17 0.86
SGERk=1| -3.62 -0.70 5.56 -1.55 3.76| 1.63 -3.48 1.24 478 | 042 -1.48 1.29 1.67
Lowest k=2 | -0.0027 -0.14 0.39 -0.02 055| 64.71 -160.68 38.23 142.61| 491 29.57 -2.81 -10.66| 0.85
Book/Market -2.53 -1.56 4.13 -0.46 5.98| 2.32 -4.93 1.97 474 | 0.29 1.79 -0.28 -0.60
b=1 k=3 -0.0001 -0.04 0.47 -0.05 0.51| 28.04 -201.67 40.44 177.82| 8.81 23.88 225 -3.01 0.85 17.52
-0.13 -0.41 4.78 -0.93 5.17| 0.95 -5.83 1.96 557 | 048 1.36 0.21 -0.16 0.00153
Growth k=4 0.0011 -0.05 0.35 0.00 0.71| 60.37 -160.54 57.87 173.13|16.37 13.62 -14.45 -19.37| 0.87
0.97 -0.56 3.62 -0.03 7.41| 2.10 -4.77 2.88 557 | 092 0.80 -1.37 -1.06
Highest 0.0006 -0.01 0.51 0.00 0.60| 127.58 -225.81 60.50 224.50|-7.22 17.57 -16.50 -0.84 0.85
SGER k=5 0.44 -0.05 4.22 -0.06 4.99| 3.54 -5.35 2.40 576 |-032 082 -1.25 -0.04
Lowes -0.0052 -0.01 0.78 0.01 0.00| 38.08 -118.66 -24.86 147.05|37.12 -23.76 7.51 37.59 0.81
SGERk=1| -4.43 -0.08 7.52 0.16 0.01]| 1.23 -3.27 -1.15 4.39 1.95 -1.29 0.66 1.91
k=2 -0.0045 0.25 0.78 -0.11 0.05| -4.17 -126.78 57.78 116.93| -4.70 -6.31 -857 44.80 0.84
-4.07 2.70 7.93 -1.97 0.47| -0.14 -3.71 2.83 3.71 |-0.26 -0.36 -0.80 242
b=2 k=3 -0.0012 0.08 0.73 -0.07 0.14| 9.03 -141.10 55.34 99.67 |27.18 1.11 -23.70 45.98 0.85 15.40
-1.11  0.89 7.43 -1.37 1.45| 0.31 -4.15 2.72 3.17 152 0.06 -2.23 249 0.00395
k=4 -0.0013 0.26 0.70 -0.04 0.19| 40.77 -174.99 60.94 154.98|-4.35 38.21 -30.47 9.87 0.82
-0.96 2.34 592 -0.61 1.66| 1.15 -4.23 2.47 405 |-0.20 182 -235 0.44
Highest 0.0005 0.40 1.07 -0.06 0.11| 25.44 -249.43 83.71 231.95|17.63 -9.44 -48.12 30.10 0.87
SGER k=5 0.41 3.63 9.15 -0.88 0.97| 0.73 -6.09 3.43 6.14 | 0.82 -0.46 -3.76 1.35
(Continued)
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Table7 - Continued

Lowest |-0-0044 003 089 003 -0.23| 3429 -13555 11.67 149.87|29.42 -2220 -8.86 53.39| 0.77
SGERk=1| -363 034 823 053 -219| 1.07 -3.61 052 432|149 -117 -0.75 2.62
k=2 |-0.0034 040 082 001 -0.13|-1558 -117.02 25.15 121.55-3.70 515 -19.13 32.39| 0.81
-313 437 857 020 -142|-054 -349 126 392 |-021 030 -1.82 1.78
b=3 k=3 | -0.0016 039 0.78 000 0.01 | 243 -9491 6.81 111.45(11.24 1220 -22.71 13.00| 0.85 | 14.88
-1.59 445 846 006 007 | 009 -296 035 376 |0.67 075 -2.26 0.75 0.00495
k=4 0.0003 0.38 0.82 0.00 -0.03|-1223 -120.89 63.23 127.88|17.40 23.00 -52.22 23.07 | 0.83
026 362 743 007 -025|-037 -313 274 358 [086 117 -432 110
Highest | 00023 043 097 014 002 | 1364 -149.71 57.96 146.42|1494 -552 -71.34 37.01| 0.84
SGERK=5| 1.67 377 808 207 0.18| 038 -3.58 232 379 | 068 -0.26 -545 1.63
Lowest | 00046 012 086 004 -0.18| 6433 -5530 -5.43 7503 |12.94 -33.87 -16.48 58.49| 0.78
SGERK=1| -3.92 123 825 062 -1.80| 208 -153 -0.25 224 |0.68 -1.84 -145 2.97
k=2 |-0.0036 027 083 -0.07 -0.21|-5537 -60.10 16.11 83.39 [24.64 -1.49 -2.12 29.52| 0.81
-357 325 943 -1.38 -242| -211 -1.95 088 293 |152 -010 -0.22 177
b=4 k=3 |-0.0015 0.34 071 -0.05 0.5 | 1039 -56.34 38.19 75.17 | 6.27 1545 -2491 4.16 | 0.81 | 13.74
-1.38 361 718 -095 051 | 035 -1.64 187 237 |035 089 -232 022 0.00818
k=4 0.0004 0.42 0.93 -0.01 -0.02|-47.47 -141.60 72.04 148.07|41.25 34.43 -49.78 -17.53| 0.84
030 429 892 -021 -017|-153 -390 3.33 442 (216 187 -438 -0.89
Highest | 00019 070 119 006 -0.10|-6387 -17458 70.07 108.97| 998 17.46 -8201 3456| 081
SGERk=5| 122 543 866 077 -071| -156 -3.65 246 247 | 040 072 -5.48 1.33
Lowest |-0-0057 056 117 -0.13 -0.42| 3177 -7629 0.8 98.40|19.86 -23.69 -16.66 46.73 | 0.81
SGERk=1| -446 526 10.38 -212 -3.77| 094 -1.93 001 270 | 096 -1.18 -1.35 2.8
Highest k=2 | -0.0017 0.17 1.04 -0.13 -0.31| 13.01 -8.08 14.10 47.94|53.38 -32.55 -17.94 46.73| 0.80
Book/Market -145 170 991 -2.27 -301| 042 022 064 142 |277 -175 -1.56 2.35
b=5 k=3  |-0.0006 0.30 0.93 -0.09 -0.26|-13.07 -44.23 10.30 78.14 [22.93 1.84 -17.30 16.21| 0.77 | 15.82
-0.46 299 873 -161 -243|-041 -118 046 227 | 117 0.10 -1.48 0.80 0.00327
Value k=4 0.0020 0.63 093 -0.18 -0.06[-99.92 -81.30 18.99 79.88 |20.16 28.02 -2043 -7.65| 0.81
157 595 834 -297 -056| -3.00 -208 0.82 222 [098 142 -1.67 -0.36
Highest | 0.0011 0.82 1.20 -0.07 -0.05|-82.60 -69.95 31.30 48.98 |25.19 -2.67 -44.01 9.41 | 0.74
SGERK=5| 059 535 743 -0.77 -0.32| -1.71 -1.24 093 0.94 | 0.85 -0.09 -2.49 031

Notes R «denotes the return on portfoliz-1,2,3,4,5k=1,2,3,4,5n montht =

1, 2F, R4, the riskless rate, is the yield on a US GovernnienbnthTreasury bill

Ru., the return on t market portfolio, is the return on ti&kRSPvalue weighted index of common stocks in mantBMB andHML, are the smalminusbig and high
minuslow FamaFrench factorsmoMm, is the momentum factor in monthandDY,, is the CRSP valuweighted index ifidend yield lagged one period-statistics

underlie coefficient estimates and/pa | u e s

under |
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Table 8 Abnormal Returns, SGER3 Ranking

Rii- R o %«SMB b’k HML % MOM bmf" R R)' Ein
Sk = Dok TRk DY, Bk R,t
M = Mo M pDYer B iRy,
My =My, MM, DY M R
byy= Boi +14DY +HBRy,
b=1,2,3,4,5 k=1,2,3,4,5,t=1, 2 ,T&,
Bogﬁ/imi?gket Sﬁrl]ztfli a Sopk  Nopk Mopx  Dopk Sipk 1 pk My bk D1 pk Sk N2pk M2k Bopk AngZSted Hanse
Lowest -0.0018 -0.43 0.13 0.03 0.74| 39.20 -229.45 54.71 356.36| 69.26 106.72 -13.85 -150.02| 0.74
SGERk=1| -1.17 -2.56 0.60 0.29 3.28| 0.61 -2.65 1.15 4.07 1.92 2.39 -0.65 -3.17
Lowest k=2 -0.0012 0.14 0.23 -0.19 0.46| -16.68 -232.01 147.32 348.54|-48.85 71.38 -8.34 -55.66 0.80
Book/Market -0.82 0.91 1.18 -1.98 2.20( -0.28 -2.89 3.34 4.29 | -1.46 1.72 -0.42  -1.27
b=1 k=3 0.0005 0.19 0.19 -0.10 0.62| -97.30 -387.01 86.79 469.42|-40.91 12256 -18.48 -107.90| 0.81 2.78
0.31 1.21 096 -0.97 291]| -1.60 -4.74 1.94 5.68 | -1.20 291 -0.93 -2.42 0.59472
Growth k=4 0.0006 0.19 0.36 -0.05 0.57 | -136.0 -428.77 -3.49 462.78( 6.11 111.53 44.19 -98.15 0.78
0.38 1.08 1.61 -0.47 2.47| -2.04 -4.77 -0.07 5.09 0.16 241 2.01 -2.00
Highest -0.0018 -0.09 0.34 0.08 0.56| -49.19 -499.91 16.76 668.17| 50.44 168.21 -4.34 -170.89| 0.77
SGERk=5| -0.91 -0.41 1.28 0.59 2.00| -0.62 -4.66 0.28 6.16 1.13 3.04 -0.17 -2.91
Lowest -0.0015 -0.09 1.40 -0.22 -0.67| 68.20 -471.63 113.14 588.05( -24.26 -101.68 20.04 64.70 0.55
SGERk=1| -0.72 -0.41 4.79 -1.49 -2.19| 0.77 -3.98 1.74 491 | -0.49 -1.67 0.69 1.00
k=2 -0.0003 0.09 0.77 -0.36 0.08 | 13.51 -394.28 130.42 442.93| 28.58 79.08 49.08 -63.04 0.70
-0.13 041 295 -2.80 0.28| 0.17 -3.71 2.24 4.12 0.65 1.44 1.89 -1.09
b=2 k=3 -0.0001 -0.03 0.81 -0.01 -0.14| 54.79 -276.81 -7.25 317.29| 27.78 38.85 -18.52 46.89 0.78 2.15
-0.04 -0.14 3.47 -0.08 -0.58| 0.78 -2.91 -0.14  3.30 0.70 0.79 -0.80 0.90 0.70839
k=4 -0.0025 0.13 0.78 0.06 0.12| 11.11 -471.06 68.61 410.87| -2.31 12479 -78.07 -44.24 0.77
-1.40 0.69 3.18 0.51 045 0.15 -4.73 1.26 4.08 | -0.06 2.43 -3.21 -0.81
Highest -0.0001 0.30 0.92 -0.05 -0.06| -2.19 -476.03 86.79 444.97| 44.95 116.49 -70.47 4.87 0.77
SGERk=5| -0.04 1.28 3.09 -0.35 -0.19| -0.02 -3.95 1.31 3.65 0.89 1.87 -2.39 0.07
(Continued)
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Table8- Continued

Lowest -0.0009 0.25 154 -0.05 -0.72|-281.88 -584.18 -11.40 538.84| 84.77 26.84 2180 -10.34| 0.50
SGERBk=1| -041 1.03 510 -0.31 -2.26]| -3.09 -4.76 -0.17 4.34 1.66 0.42 0.73 -0.15
k=2 -0.0034 041 165 -0.23 -0.86(-200.38 -447.24 73.25 425.72| -8.23 -103.48 32.86 121.07| 0.58
-1.69 187 6.01 -1.69 -296| -2.41 -4.01 1.20 3.77 | -0.18 -1.80 1.20 1.98
b=3 k=3 -0.0023 -0.07 1.02 -0.05 -0.10( -6.21 -174.56 -27.41 240.56| 107.44 15.19 29.84 -10.97 | 0.66 5.60
-1.06 -0.29 353 -0.36 -0.31| -0.07 -148 -0.42 2.02 2.18 0.25 1.03 -0.17 0.23075
k=4 0.0022 0.21 0.65 -0.01 0.20 | 17.91 -267.14 95.66 214.83( 24.43 115.19 -69.97 -37.06 | 0.72
1.13 099 246 -0.11 0.70 0.22 -2.47 1.61 1.96 0.54 2.06 -2.64 -0.63
Highest -0.0002 0.24 080 0.11 0.26 | -86.25 -395.76 21.71 312.75|117.21 167.89 -91.36 -83.15| 0.67
SGERk=5] -0.09 083 219 061 0.68 | -0.78 -2.66 0.27 2.08 1.89 2.19 -2.51 -1.02
Lowest |-0.0013 -0.07 115 -0.01 -0.40]|-141.99 -306.52 10.74 340.77( 65.79 -49.52  -6.50 51.23 0.50
SGERk=1| -057 -0.28 3.74 -0.08 -1.24]| -1.52 -2.45 0.16 2.69 1.26 -0.77 -0.21 0.75
k=2 -0.0007 0.33 1.00 -0.17 -0.17 (-170.62 -228.25 10.58 203.20( -21.11 -13.39 27.79 19.69 0.57
-0.37 158 378 -1.32 -0.62| -2.13 -2.12 0.18 1.86 | -0.47 -0.24 1.05 0.33
b=4 k=3 0.0014 058 092 -0.21 -0.10|-118.24 -363.53 111.84 310.00| -58.83 59.87 -14.58 -21.24 | 0.61 0.99
0.71 265 333 -155 -0.33| -1.42 -3.24 1.81 273 | -1.26 1.03 -0.53 -0.35 0.91169
k=4 0.0002 0.66 1.16 -0.04 -0.19]|-173.79 -231.62 23.78 130.74( 0.78 -1.94 -29.46 80.19 0.66
0.09 269 373 -025 -059( -1.85 -1.84 0.34 1.02 0.01 -0.03 -0.95 1.16
Highest | 0.0007 0.65 1.65 0.00 -0.85| -60.19 -408.68 87.35 449.72| 13.27 -34.46 -105.79 106.92| 0.68
SGER k=5 | 0.27 236 474 0.02 -2.32| -0.57 -2.89 1.12 3.14 0.22 -0.47 -3.06 1.38
Lowest |-0.0031 061 096 -019 -0.07]-150.92 -24.18 91.77 15849 | 141 -61.24 -30.81 31.64 0.58
SGERBk=1| -1.43 264 327 -128 -023| -1.71 -0.20 141 0.49 0.03 -1.00 -1.06 0.49
Highest k=2 -0.0008 0.12 129 -0.26 -0.69 (-127.56 -152.92 118.62 247.93| 29.31 -92.50 -21.51 104.89| 0.55
Book/Market -0.36 052 433 -1.76 -222| -1.42 -1.26 1.79 2.03 0.58 -1.48 -0.73 1.59
b=5 k=3 -0.0011 043 143 -0.29 -0.73(-158.29 -168.01 68.65 222.93| -4.29 -11250 31.67 133.44| 0.57 1.62
-0.53 183 482 -199 -234| -1.77 -1.40 1.04 1.83 | -0.09 -1.81 1.08 2.03 0.80543
Value k=4 0.0004 0.58 132 -0.14 -0.56]|-174.68 -207.79 0.21 186.67( 46.93 -11.54 -37.75 52.64 0.55
0.15 211 383 -0.83 -154| -1.68 -1.49 0.00 1.32 0.80 -0.16 -1.10 0.69
Highest | 0.0006 0.65 2.05 -0.19 -0.92|-203.15 -382.41 65.32 470.85(136.37 -26.21 -45.38 36.75 0.63
SGERk=5| 0.19 1.89 471 -0.86 -2.01| -1.54 -2.16 0.67 2.63 1.84 -0.29 -1.05 0.38

Notes R, n «denotes the return on portfolie=1,2,3,4,5k=1,2,3,4,5n montht =

underlie coefficient estimatesxdpv al u e s

under |
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1, 2F, R4, the riskless rate, is the yield on a US GovernrnienbnthTreasury bill
Ru., the return on the market portfolio, is the return onGRSPvalue weighted index of commatocks in month, SMB andHML, are the smalminusbig and high
minuslow FamaFrench factorsmowm, is the momentum factor in monthandDY,.; is the CRSP valugveighted index dividend yield lagged one periddtatistics
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Table 9 Fama-MacBeth Regression ofPortfolio Return on Profitability, ROE

Riv =%:» T4,ROE, #,

Book To Market t-S_t&ltISt_IC for

Quintile TP \&Ob S.E. @O,b) gl,b S.E. @1,&:) 9s- G
SGER1Portfolios
Growthb=1 379 0.0105 0.0025 0.0076 0.0031 5.519
b=2 379 0.0035 0.0024 0.0582 0.0102 (0.000)
b=3 379 0.0037 0.0024 0.0805 0.0130
b=4 379 0.0016 0.0021 0.1206 0.0151
Valueb=5 379 0.0092 0.0024 0.0940 0.0154

SGERZPortfolios

Growthb=1 379 0.0097 0.0024 0.0092 0.0028 5.192
b=2 379 0.0019 0.0023 0.0591 0.0108 (0.000)
b=3 379 0.0014 0.0024 0.0871 0.0145
b=4 379 0.0023 0.0021 0.1020 0.0181
Valueb=5 379 0.0069 0.0024 0.1037 0.0180
SGER3Portfolios
Growthb=1 276 0.0124 0.0027 -0.0009 0.0030 3.185
b=2 276 0.0090 0.0034 0.0184 0.0161 (0.002)
b=3 276 0.0063 0.0033 0.0427 0.0207
b=4 276 0.0049 0.0034 0.0706 0.0266
Valueb=5 276 0.0044 0.0033 0.1034 0.0326

Notes:Table 9 reports thparameter estimatesfn FamaMacBeth(1973)regression of portfolio return on
profitability, ROE In each statistical period, we estimate a cross sectional regression of monthly stock return on
forward ROE (separately foROEJ, ROE2 andROE3 for each market/book quintil®€1,2,3,4,5)

Rio =G» +4,ROE,, #,,whereR,, isthe monthly return an&OE, ,is forwardROE for firmi=1,2,...,N,

within book/market quintilé=1,2,3,4,5)n statistical period=1,2,...TP, anduy,,, is an error term éo,b and

S.E.@O,b) are average and standard error of intercept estingates,and 511) and S'E'él,b) are average and
standard error of intercept estimaigs, , over379statistical periodéor SGER1andSGER2portfolios and 276

statistical periods foSGER3Jyortfolios. SGER1SGER2 andSGERJepresenportfolioswith forward ROE
(ROE], ROE2 andROE3J calculated from/B/E/Sconsensus analysiEPSforecast{EPS1, EPS2andEPSJ
for the first,secondand third unreported fiscal year at a Stati#tieeriod datet-statistic tests for differenda

slopes,g, ;- g, between valuebE5) and growthif=1) stocks. pvalue underlies-statistic.
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